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Maria Curie-Skłodowska University, Poland
radoslaw.macik@umcs.pl

The paper describes an implementation of extended consumer
decision-making styles concept in explaining consumer choices
made in product comparison site environment in the context of
trust-based information technology acceptance model. Previous
research proved that trust-based acceptance model is useful in
explaining purchase intention and anticipated satisfaction in prod-
uct comparison site environment, as an example of online deci-
sion shopping aids. Trust to such aids is important in explaining
their usage by consumers. The connections between consumer
decision-making styles, product and sellers opinions usage, cog-
nitive and affective trust toward online product comparison site,
as well as choice outcomes (purchase intention and brand choice)
are explored trough structural equation models using pls-sem

approach, using a sample of 461 young consumers. Research con-
firmed the validity of research model in explaining product com-
parison usage, and some consumer decision-making styles influ-
enced consumers’ choices and purchase intention. Product and
sellers reviews usage were partially mediating mentioned rela-
tionships.

Key words: consumer decision-making styles, online product
comparison site usage, cognitive and affective trust,
products/sellers reviews, purchase intention, pls-sem

Introduction

Paper goal is to extend trust-based acceptance model in the context
of online product comparison site by including consumer decision-
making styles concept and brand choice on the example of the simu-
lated choice of an automatic coffee machine in a quasi-experimental
setting. The sample of 461 young consumers participated in an
online quasi-experimental setting. As mentioned extensions were
not previously analysed, research made is exploratory in nature.
The main research question is which and how consumer decision-
making styles influence trust toward product comparison site usage
and product brand choice. Data analysis utilises pls-sem approach,
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including pls-mga (multi-group analysis) for main chosen brands,
as a way to explore postulated relationships.

The paper is organised in ten parts. After the short introduction,
the online product comparison sites mechanics and business models
are presented, with the description of trust-based technology adop-
tion model and introduction to the concept of consumer decision-
making styles. Next, conceptual research model with research ques-
tions is introduced, followed by detailed description of used sample
and measures (with reliability and validity assessment). Results part
is organised along main research model, its estimates, and multi-
group comparisons regarding groups for main chosen brands. Ob-
tained results are discussed in next part of the paper, ending with
research implications, limitations of the study, and conclusion.

Contemporary Online Product Comparison Sites

Common access to online shopping changed buying habits of many
consumers in last 20 years. The share of online retail spending (on
goods) increased over the time with 15–18 percentage points growth
y-o-y, up to over 10% share in total retail on mature markets as
United Kingdom (the leader with about 15% share), United States
or Germany (see http://www.retailresearch.org/onlineretailing.php).
This involves a large number of decisions to find products and sell-
ers online, with two most common alternative approaches:

• the choice of the well-known online store brands (like Amazon,
Zalando etc.) or places where someone previously bought with
satisfaction (without comparison of sellers), or,

• finding the best deal – often with the help of product comparison
sites.

The second strategy is in the scope of presented research. Con-
temporary online product comparison sites evolved from simple
price comparison engines introduced nearly 20 years ago. They
are also working under different business model than their prede-
cessors. Product comparison engines are working as infomediaries
typically in business model assuming paid integration (via api and
parsing structured xml file with offers data) of particular vendor of-
fers with comparison engine. Solutions using bots crawling the net
to seek online store and their assortment to include in comparison
engine without payment and direct integration are nowadays rare –
even Twenga makes possible shop integration for a fee.

In both cases, the mechanics of product comparison site work-
ing is to aggregate information from product comparison agent (or

214 management · volume 11



Consumer Decision-Making Styles

bot), that is configured to gather product information (such as ac-
tual price, product availability, product description etc.) from online
vendors and/or product information databases.

As consumer interacts with product comparison site, typically hav-
ing recognizable brand, he/she is not interested about underlying
technology (allowing the site to present demanded information on
request) and/or nature of commercial agreements between compar-
ison site and online vendor, this suggests that product comparison
agent should be transparent to the comparison site user. Aggre-
gated information retrieved on online shopper request is revealed
to him/her in the form of ranking. By interacting with product com-
parison site consumers leave some traces of their behaviour, that are
valuable for online vendors and comparison sites for their marketing
activities. Figure 1 shows the flows between online vendor, product
comparison site, and consumer.

Product comparison sites are nowadays enhanced by opinions
from consumers about products and sellers (possibly so called ‘trust-
ed opinions’ of non-anonymous for the site users who bought a par-
ticular product). Those opinions are usually presented as average
ratings – particularly for sellers’ credibility and detailed pieces of
text.

Young consumers are more innovative toward information tech-
nology usage. They also are using online decision shopping aids in-
cluding mobile tools more often and in the more extensive way (Mą-
cik and Nalewajek 2013), so studying this group behaviour can be
useful to make predictions by analogy for consumers later accept-
ing new technologies. Previous research also suggests the power of
online opinions and reviews for this group of consumers (Nalewajek
and Mącik 2013).

The influence of online reviews on purchasing behaviour has been
confirmed by many studies in the information systems and consumer
behaviour fields (e.g., Forman, Ghose, and Wiesenfeld 2008; Kham-
mash and Griffiths 2011). Typically the effect of positive and nega-
tive reviews for particular e-commerce site have been studied, and
product reviews have been left from detailed consideration. Negative
reviews are believed to have a stronger effect on consumer decisions
than positive ones (Park and Lee 2009), as being more diagnostic and
informative (Lee, Park, and Han 2008). Typically the consumer using
product comparison site faces with a mix of positive and negative
product reviews and seller opinions, this is known as inconsistent
reviews setting (Tsang and Prendergast 2009). For this study, both
types of opinions have been used: about products and about sellers.
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figure 1 Flows Between Online Vendor, Product Comparison Site and Consumer:
Simplified Approach (numbers represent steps of flows between
ecosystem members; own elaboration, loosely based on concept of Wan,
Menon, and Ramaprasad (2007, 66))

Focus was on declared number of opinions read more or less pre-
cisely, leaving out of consideration their negative or positive conno-
tations, under the assumption: the more opinions read, the greater
trust to product comparison site.

Trust-Based Acceptance Model

Numerous research studies show that trust toward online business
is a key driver for the success of e-commerce (Cheung and Lee 2006;
Hong and Cho 2011), particularly for online retailers (Kim and Park
2013). Many studies researching consumer trust toward e-commerce
site are following Komiak and Bensabat (2006) trust-based accep-
tance model built upon widely used in e-commerce studies theory of
reasoned action (tra) (Hoehle, Scornavacca, and Huff 2012; Komiak
and Benbasat 2006). According to tra individual’s behaviour is pre-
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dicted by his/her behavioural intention, while behavioural intention
is formed as an effect of attitude, beliefs, and subjective norms (Fish-
bein and Ajzen 1975). Those connections are causal relationships, so
they are typically modelled using sem approach.

Komiak and Benbasat (2006) developed mentioned trust-based
acceptance model for explaining the adoption of online recommen-
dation agents. They examined two types of trust in the model: cog-
nitive trust and affective trust. Cognitive trust is conceptualized as
trusting beliefs while affective trust should be considered as a form
of trusting attitude. In online environments, consumers often affec-
tively evaluate trusting behaviour. High affective trust suggests hav-
ing favourable feelings toward performing the behaviour. The trust-
based acceptance model highlights that cognitive trust affects emo-
tional trust, which further leads to individuals’ adoption intention
(Komiak and Benbasat 2006). This is convergent with tra approach
when adoption process resembles the following sequence: belief
‘attitude’ intention, although the subjective norm is the construct
dropped in trust-based acceptance model as adoption behaviour is
considered as voluntary rather than mandatory according to Komiak
and Benbasat (2006).

Cognitive trust can be analysed in three main categories: compe-
tence, benevolence, and integrity as suggest McKnight, Choudhury,
and Kacmar (2002). Trust in competence refers to the extent to which
consumers perceive an online retailer or service provider as having
skills and abilities to fulfil what they need (Mayer, Davis, and Schoor-
man 1995). Trust in benevolence is consumers’ perception that the
retailer/service provider will act in their interest (Hong and Cho
2011). Trust in integrity refers to consumers’ perception about hon-
esty and promise-keeping by online retailer/service provider (McK-
night, Choudhury, and Kacmar 2002). Those concepts are used in
this research in the context of product comparison engine usage.

Consumer Decision-Making Styles

A consumer decision-making style concept is defined as ‘a mental
orientation characterizing a consumer’s approach to making choices’
(Sproles and Kendall 1986, 268), and consumer decision-making
styles can be perceived as ‘basic buying-decision making attitudes
that consumers adhere to, even when they are applied to differ-
ent goods, services or purchasing decisions’ (Walsh et al. 2001, p.
121). Consumer decision-making styles are connected to consumer
personality, and research suggest that they are relatively stable con-
structs (Sproles and Kendall 1986; Lysonsky, Durvasula and Zotos
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table 1 Description of Consumer Decision-Making Styles: Extended version

Style name/short name Description

Perfectionistic perf Sensitive to high quality products, prone to spend money
and/or time to get the expected quality, expecting cus-
tomer care, thoroughly comparing the available options

Brand-
Conscious

bc Believing that price of branded products is appropriate to
their quality, buying well-known and heavily advertised
brands, often in shopping malls and specialty stores

Novelty
Fashion
Conscious

nfc Willing to put extra effort to obtain a trendy, new products
sooner than others; follower of fashion, always in line with
current trends, often buys due variety-seeking motives

Recreational
Shopping
Conscious

rsc Hedonistic, perceiving shopping environment as pleasant
and desirable, spending much time on shopping

Price-Value
Conscious

pvc Prone for getting highest possible ‘value for money’ – sen-
sitive to price reductions, looking for low prices, often
carefully comparing products before purchase, rarely buys
cheapest products

Impulsive imp Relying on impulse to buy, does not plan purchases, not
paying much attention to how much is spending, prone for
buying on sales

Confused by
Overchoice

co Feels the fatigue of to many products, brands and shop-
ping options, often has trouble in deciding

Habitual
Brand-Loyal

hbl Has strong habits for buying specific brands and/or at the
same places

Compulsive comp Having tendency to uncontrolled spending, and addiction
for shopping (style added by author)

Ecologically
Aware

eco Prone to choose products that are ecologically safe for
him/her and for environment (style added by author)

notes Own elaboration, including early insights by Sproles and Kendall (1986).

1995). Particular shopping activities and attitudes toward shopping
can be perceived as direct outcomes of consumer’s decision-making
styles (Tai 2005), and tendencies revealed in particular person styles
profile are modified in particular shopping process by situational
factors. Consumer decision-making concept has been used in sev-
eral contemporary studies (Walsh et al. 2002; Tai 2005), and proved
to be useful to explain outcomes of particular shopping activities and
attitudes toward shopping, including usage of online channel (Mącik
and Mącik 2009).

Consumer decision-making styles are measured typically via pcs

(Profile of Consumer Style) questionnaire proposed by Sproles and
Kendall (1986). In this research extension and reconstruction of pcs

has been used, with 2 new styles have been added on the base of pre-
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vious author research. In result 10 styles (including original 8) were
measured by 30 items scaled as Likert-type scale with five variants of
answers (short form of reconstructed by Mącik and Mącik (2015) pcs

scale named spdz14k). Those styles are described in greater detail
in table 1.

Listed styles are forming personal profile consumer decision-
making styles – particular person possesses an individual combi-
nation of them, when all styles are manifesting itself on different
levels, with some styles more intense or prominent (Sproles and
Kendall 1986).

Conceptual Research Model and Research Questions

Mentioned concepts of trust-based adoption model and consumer
decision-making styles putted in context of online product compari-
son sites usage were leading to propose conceptual model (figure 2).

In this approach gained with time experience in online product
comparison sites usage and opinions about products and sellers are
antecedents for cognitive and affective trust for online product com-
parison site according to trust-based adoption model, where cogni-
tive trust measured in three sub-dimensions (trust in competence,
trust in benevolence and trust in integrity) influences affective trust
and later purchase intention. Experience with opinions usage and
trust-based adoption model constructs are explained by some of
consumer decision-making styles measured in ten dimensions (it
was assumed that only selected styles will be useful).
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Because of exploratory character of the study three main research
questions have been formulated:

rq1 How previous consumer experience with product compari-
son site usage and opinions about products and sellers usage
are connected with trust toward product comparison site con-
structs from trust-based adoption model?

rq2 Which and how consumer decision-making styles are influenc-
ing the level of experience with product comparison site usage
and opinions about products and sellers?

rq3 Which and how consumer decision-making styles are influenc-
ing constructs from trust-based adoption model for product
comparison site usage?

No exact hypotheses were assumed for this research, particularly
the set of consumer decision-making styles included in model was
exactly exploratory, and modified during the modelling. Research
model derived from conceptual one has been assessed via structural
equation modelling approach utilizing pls-sem – recommended for
exploratory stages of theory extensions (Hair, Ringle, and Sarstedt
2011) – and later via multi-group analysis using pls-mga algorithms.

Sample and Measures

sample

Data have been collected during March 2015 through cawi question-
naire with e-mail invitation sent to authors students and their peers,
that returned 461 usable responses from 575 sent invitations, giv-
ing response rate of 80.2%. Students were awarded small increase in
course activity grade for participation and recruitment of their peers
(this award was less than 4% of total possible grade).

In effect, the sample consists of 60.2% women and 39.8% men. The
average age of participants is 24.5 years with standard deviation of
5.1 years (range: 18–46 years old, median: 23 years). Each 1/3rd of
participants were inhabitants of different level of urbanization ar-
eas: rural areas, small towns and larger cities. All participants must
be active internet users and make at least one online purchase dur-
ing a year prior study. Sample structure regarding gender and age is
close to population of both full-time and part-time students of pub-
lic university located in the South-Eastern part of Poland, where the
data have been collected.

measures

Items to measure constructs used in this study were adapted from
previously published research or have been developed by the au-
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table 2 Scales Used in Study

Construct (1) (2) (3) (4)

Consumer expe-
rience in product
comparison sites
usage

Consumer
Experience

Own
developmenta

N/A 9

Cognitive Trust
in Competence

ct_Competence McKnight,
Choudhury, and
Kacmar (2002)

travestation 4
(3)b

Cognitive Trust
in Benevolence

ct_Benevolence McKnight,
Choudhury, and
Kacmar (2002)

travestation 4
(3)b

Cognitive Trust in
Integrity

ct_Integrity McKnight,
Choudhury, and
Kacmar (2002)

travestation 4
(3)b

Affective Trust Affective Trust Komiak and Ben-
basat (2006)

reconstruction 4

Purchase
Intention

Purchase
Intention

Gefen, Kara-
hanna and
Straub (2003)

reconstruction 4

Product Reviews
Usage

Product Reviews
Usage

Own
developmenta

N/A 2

Sellers Reviews
Usage

Sellers Reviews
Usage

Own
developmenta

N/A 2

Brand Conscious
Style

bc Sproles and
Kendall (1986)

reconstruction 3

Confused by
Overchoice Style

co Sproles and
Kendall (1986)

reconstruction 3

Ecologically
Aware Style

eco Own
developmentc

N/A 3

Perfectionistic
Style

perf Sproles and
Kendall (1986)

reconstruction 3

Continued on the next page

thor. As questionnaire language was Polish, this required to translate
and culturally adapt (by authors) scales written originally in English,
including reconstruction procedures where needed. In effect, used
scales are derived from original measures. Basic data about used
scales is provided in table 2.

Data analysis for this study has been performed using Smartpls

3.2 software (see www.smartpls.com), as most of the measurement
variables were not normally distributed. Bootstrap procedure (re-
sampling with replacement, sample size equal of original sample
size – 461 observations) with 10000 repetitions for pls procedure
and 5000 repetitions for pls-mga algorithm has been utilised to get
inference statistics for measures and evaluated models.
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table 2 Continued from the previous page

Construct (1) (2) (3) (4)

Price-Value
Conscious Style

pvc Sproles and
Kendall (1986)

reconstruction 3

Recreational
Shopping
Conscious Style

rsc Sproles and
Kendall (1986)

reconstruction 3

notes Column headings are as follows: (1) name in tables and diagrams, (2) items
derived from, (3) level of adaptation, (4) number of items. Only consumer decision-
making styles included in model are shown in table, other four excluded. a Used also
in Mącik and Mącik (2016b). b One item dropped due to low factor loading. c Used
also in Mącik and Mącik (2016a). Only consumer decision-making styles included in
model are shown in table, other four excluded.

reliability and validity of measures

Reliability of measures in this study has been assessed by two com-
monly used measures: Cronbach’s Alpha coefficient and Composite
Reliability (cr) measure, as they represent lower and upper bound-
aries of true scale reliability respectively (Henseler, Ringle, and
Sarstedt 2015). Using both criterions reliability of most constructs
meets typical requirements – values of crs are all over suggested
value 0.7 (Hair, Ringle, and Sarstedt 2013, 7), with some Alphas for
co, perf and pvc lower than desired – tables 3 and 4.

table 3 Reliability of Measures: Cronbach’s Alpha

Constructs (1) (2) (3) (4) (5) (6) (7)

Affective Trust 0.802 0.801 0.020 39.344 0.000 0.758 0.837

bc 0.719 0.718 0.024 29.446 0.000 0.667 0.762

co 0.618 0.616 0.035 17.797 0.000 0.542 0.679

ct in Benevolence 0.713 0.710 0.029 24.506 0.000 0.649 0.763

ct in Competence 0.732 0.730 0.027 27.218 0.000 0.675 0.779

ct in Integrity 0.777 0.775 0.023 33.363 0.000 0.726 0.817

Consumer Experience 0.928 0.928 0.006 157.430 0.000 0.916 0.938

eco 0.788 0.788 0.020 39.697 0.000 0.746 0.824

perf 0.566 0.565 0.031 18.258 0.000 0.501 0.623

pvc 0.617 0.615 0.036 17.283 0.000 0.541 0.680

Product Reviews Usage 0.788 0.788 0.025 31.112 0.000 0.735 0.834

Purchase Intention 0.797 0.796 0.021 37.739 0.000 0.750 0.833

rsc 0.867 0.866 0.012 74.794 0.000 0.841 0.888

Sellers Reviews Usage 0.835 0.834 0.021 40.181 0.000 0.791 0.872

notes (1) original sample (o). Bootstrap estimates: (2) sample mean (M), standard
error (sterr), (4) t-statistics (|o/sterr|), (5) p-values. Bootstrap bias corrected 95%
confidence interval: (6) low, (7) up.
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table 4 Reliability of Measures: Composite Reliability (cr)

Constructs (1) (2) (3) (4) (5) (6) (7)

Affective Trust 0.871 0.870 0.012 75.399 0.000 0.846 0.891

bc 0.840 0.829 0.035 23.985 0.000 0.662 0.852

co 0.787 0.772 0.047 16.631 0.000 0.569 0.810

ct in Benevolence 0.839 0.838 0.014 61.789 0.000 0.810 0.863

ct in Competence 0.849 0.848 0.013 66.398 0.000 0.822 0.872

ct in Integrity 0.871 0.870 0.012 74.503 0.000 0.845 0.891

Consumer Experience 0.940 0.940 0.005 198.685 0.000 0.930 0.948

eco 0.870 0.848 0.083 10.531 0.000 0.263 0.885

perf 0.770 0.762 0.024 31.480 0.000 0.678 0.789

pvc 0.794 0.789 0.019 42.068 0.000 0.736 0.816

Product Reviews Usage 0.904 0.904 0.010 87.166 0.000 0.884 0.924

Purchase Intention 0.868 0.867 0.012 72.181 0.000 0.841 0.889

rsc 0.915 0.909 0.036 25.182 0.000 0.850 0.926

Sellers Reviews Usage 0.924 0.923 0.009 104.208 0.000 0.906 0.940

notes (1) original sample (o). Bootstrap estimates: (2) sample mean (M), standard
error (sterr), (4) t-statistics (|o/sterr|), (5) p-values. Bootstrap bias corrected 95%
confidence interval: (6) low, (7) up.

table 5 Convergent Validity of Measures: Average Variance Extracted (ave)

Constructs (1) (2) (3) (4) (5) (6) (7)

Affective Trust 0.628 0.627 0.024 26.461 0.000 0.580 0.672

bc 0.637 0.624 0.036 17.838 0.000 0.444 0.658

co 0.558 0.546 0.038 14.834 0.000 0.390 0.590

ct in Benevolence 0.635 0.634 0.023 27.447 0.000 0.587 0.678

ct in Competence 0.652 0.651 0.022 29.196 0.000 0.607 0.694

ct in Integrity 0.692 0.691 0.022 31.513 0.000 0.645 0.731

Consumer Experience 0.636 0.636 0.019 33.588 0.000 0.598 0.672

eco 0.691 0.667 0.072 9.558 0.000 0.238 0.721

perf 0.534 0.528 0.022 24.125 0.000 0.464 0.558

pvc 0.564 0.560 0.026 22.127 0.000 0.497 0.601

Product Reviews Usage 0.825 0.825 0.017 47.873 0.000 0.792 0.859

Purchase Intention 0.622 0.621 0.024 25.756 0.000 0.572 0.667

rsc 0.782 0.772 0.042 18.623 0.000 0.646 0.807

Sellers Reviews Usage 0.858 0.858 0.015 56.201 0.000 0.827 0.887

notes (1) original sample (o). Bootstrap estimates: (2) sample mean (M), standard
error (sterr), (4) t-statistics (|o/sterr|), (5) p-values. Bootstrap bias corrected 95%
confidence interval: (6) low, (7) up.

Convergent validity for used measures assessed via Average Vari-
ance Extracted (ave) is very good – all constructs are meeting the cri-
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table 6 Discriminant Validity of Measures: Fornell Larcker Criterion
Const. (1) (2) (3) (4) (5) (6) (7) (8) (9) (10) (11) (12) (13) (14)

(1) 0.792

(2) 0.171 0.798

(3) –0.039 0.150 0.747

(4) 0.609 0.096 –0.026 0.797

(5) 0.747 0.161 –0.022 0.657 0.807

(6) 0.633 0.099 –0.035 0.691 0.700 0.832

(7) 0.246 0.086 0.067 0.100 0.205 0.167 0.798

(8) 0.132 –0.013 0.081 0.047 0.069 0.019 0.210 0.831

(9) 0.070 0.310 –0.020 –0.018 0.111 0.014 0.220 0.125 0.731

(10) 0.188 0.181 0.156 0.152 0.232 0.175 0.162 0.199 0.233 0.751

(11) 0.262 0.110 0.173 0.121 0.185 0.121 0.327 0.145 0.142 0.074 0.908

(12) 0.739 0.191 0.022 0.500 0.597 0.504 0.285 0.148 0.039 0.209 0.223 0.788

(13) 0.188 0.171 0.073 0.143 0.162 0.148 0.040 0.090 0.069 0.336 0.053 0.198 0.884

(14) 0.228 0.143 0.033 0.202 0.209 0.140 0.327 0.057 0.169 0.072 0.571 0.211 0.013 0.926

notes Constructs: (1) Affective Trust, (2) bc, (3) co, (4) ct in Benevolence, (5) ct in Competence, (6) ct in
Integrity, (7) Consumer Experience, (8) eco, (9) perf, (10) pvc, (11) Product Reviews Usage, (12) Purchase
Intention, (13) rsc, (14) Sellers Reviews Usage. Numbers on matrix diagonal are square roots from ave for
constructs; numbers off-diagonal are correlations between them, this is alternative form to report Fornell-
Larcker Criterion (Henseler, Ringle, and Sarstedt 2014, 117).

terion of ave value higher than 0.5 as suggested by Fornell and Lar-
cker (1981) – table 5. Even for constructs having lower internal con-
sistency in terms of Cronbach’s Alpha (co, perf and pvc) the ave

values are at least satisfactory.
Discriminant validity of used measures is also at very good (table

6). The Fornell-Larcker Criterion stating that ave for each construct
should be higher from all squared correlations between particular
construct and other measures (Fornell and Larcker 1981) is met for
all constructs (see also note for table 6, as in mentioned table this
criterion is reported in alternative form).

Results

whole sample model

On the base or conceptual model shown on figure 2 and initial
data analysis structural equations model presented on figure 3 has
been estimated using Smartpls 3.2 software. Previous analysis (Mą-
cik and Mącik 2016) confirmed the validity of trust-based adoption
model to explain purchase intention in product comparison site en-
vironment. In structural model depicted on figure 3 consumer expe-
rience explains both reviews constructs, that are also interconnected
– as in virtual channel product choice is typically made earlier than
vendor/seller choice, so it was assumed that product review usage
should explain sellers review usage, also because of similar factors
influencing reviews following as a whole – persons more often using
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exp
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sr

pr

co

cti

ctb

ctc

bc rsc

at

eco

pi

pvc

0.193 (0.000)

0.157 (0.000)

0.117 (0.026)

0.317 (0.000)

0.068 (0.057)

0.182 (0.000)

0.519 (0.000)

0.121 (0.000)

0.152 (0.000)

0.156 (0.001)

0.072 (0.049)

0.68 (0.000)

0.146
(0.004)

0.643 (0.000)
0.515 (0.000)

0.174 (0.002)

0.086 (0.037)

0.088 (0.055)

0.726
(0.000)

0.174 (0.002) 0.072 (0.027)

figure 3 Research Model with Results Obtained via pls-sem (values on paths are
standardized path coefficients with bootstrap obtained p-values reported
in parentheses)

product reviews inside product comparison engine are more likely
more heavily relying on sellers reviews, to establish sellers credibil-
ity.

Estimated model exhibits reasonable fit – proportion of variance
explained, measured with R2 statistics is over 0.5 for main explained
variables, particularly 0.612 for Affective Trust and 0.551 for Pur-
chase Intention. The level of coefficients of determination (R2) for
all constructs playing roles of dependent variables are presented in
table 7. Also low srmr (Square Root of Mean Residuals) value on
the level of 0.039 suggests reasonable model fit to the data. Table
8 presents in detail path coefficient values in original sample and
inference statistics for paths obtained via bootstrapping. Path coef-
ficientsfrom original sample with significance levels are also shown
on figure 3.

In general, consumer experience with product and sellers reviews
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table 7 Coefficients of Determination for Dependent Variables in Estimated Model
(R2 Values)

Constructs (1) (2) (3) (4) (5) (6) (7)

Affective Trust 0.612 0.617 0.034 17.974 0.000 0.559 0.691

ct in Benevolence 0.436 0.438 0.046 9.528 0.000 0.352 0.530

ct in Competence 0.106 0.119 0.029 3.676 0.000 0.086 0.207

ct in Integrity 0.482 0.483 0.044 11.005 0.000 0.401 0.571

Consumer Experience 0.061 0.071 0.025 2.462 0.014 0.038 0.143

Product Reviews Usage 0.130 0.137 0.030 4.267 0.000 0.090 0.215

Purchase Intention 0.551 0.555 0.041 13.311 0.000 0.482 0.640

Sellers Reviews Usage 0.348 0.351 0.040 8.603 0.000 0.279 0.436

notes (1) original sample (o). Bootstrap estimates: (2) sample mean (M), standard
error (sterr), (4) t-statistics (|o/sterr|), (5) p-values. Bootstrap bias corrected 95%
confidence interval: (6) low, (7) up.

table 8 Path Coefficients in Estimated Model
Constructs (1) (2) (3) (4) (5) (6) (7)

Affective Trust → Purchase Intention 0.726 0.726 0.032 22.941 0.000 0.663 0.786

bc → ct in Competence 0.088 0.097 0.046 1.916 0.055 0.024 0.206

co → Product Reviews Usage 0.152 0.159 0.043 3.529 0.000 0.089 0.256

ct in Benevolence → Affective Trust 0.146 0.146 0.051 2.866 0.004 0.045 0.245

ct in Benevolence → ct in Integrity 0.680 0.678 0.033 20.335 0.000 0.607 0.737

ct in Competence → Affective Trust 0.515 0.513 0.049 10.578 0.000 0.411 0.603

ct in Competence → ct in Benevolence 0.643 0.642 0.038 16.957 0.000 0.567 0.714

ct in Integrity → Affective Trust 0.156 0.157 0.049 3.208 0.001 0.064 0.257

Consumer Experience → Product Reviews Usage 0.317 0.317 0.042 7.529 0.000 0.235 0.402

Consumer Experience → Sellers Reviews Usage 0.157 0.158 0.044 3.600 0.000 0.074 0.245

eco → Affective Trust 0.069 0.072 0.033 2.073 0.038 0.015 0.142

perf → Consumer Experience 0.193 0.202 0.050 3.849 0.000 0.120 0.313

pvc → ct in Competence 0.174 0.176 0.056 3.107 0.002 0.071 0.288

pvc → ct in Integrity 0.072 0.074 0.037 1.967 0.049 0.005 0.149

pvc → Consumer Experience 0.117 0.119 0.053 2.222 0.026 0.020 0.227

pvc → Purchase Intention 0.072 0.074 0.033 2.218 0.027 0.015 0.143

Product Reviews Usage → Affective Trust 0.121 0.121 0.033 3.678 0.000 0.057 0.186

Product Reviews Usage → Sellers Reviews Usage 0.519 0.519 0.039 13.342 0.000 0.442 0.594

rsc → ct in Competence 0.086 0.091 0.041 2.091 0.037 0.020 0.181

Sellers Reviews Usage → ct in Benevolence 0.068 0.068 0.036 1.907 0.057 –0.003 0.136

Sellers Reviews Usage → ct in Competence 0.182 0.181 0.044 4.122 0.000 0.090 0.265

notes (1) original sample (o). Bootstrap estimates: (2) sample mean (M), standard error (sterr), (4) t-
statistics (|o/sterr|), (5) p-values. Bootstrap bias corrected 95% confidence interval: (6) low, (7) up.

usage are loosely connected with trust-based adoption model con-
structs. Also the direct influence of six selected (on the base of cor-
relation analysis) consumer decision-making styles is not so strong,
although those relationships are statistically significant. Magnitude
of consumer decision-making styles influence increases when total
effects (including indirect effects) are taken into account.

As the model is quite complicated, some indirect effects are pres-

226 management · volume 11



Consumer Decision-Making Styles

table 9 Total Effects in Estimated Model
Constructs (1) (2) (3) (4) (5) (6) (7)

Affective Trust → Purchase Intention 0.726 0.726 0.032 22.941 0.000 0.663 0.786

*bc → Affective Trust 0.060 0.066 0.032 1.872 0.061 0.015 0.143

*bc → ct in Benevolence 0.057 0.062 0.030 1.895 0.058 0.014 0.134

bc → ct in Competence 0.088 0.097 0.046 1.916 0.055 0.024 0.206

*bc → ct in Integrity 0.039 0.042 0.021 1.852 0.064 0.009 0.093

*bc → Purchase Intention 0.043 0.048 0.024 1.825 0.068 0.010 0.106

*co → Affective Trust 0.030 0.031 0.010 2.960 0.003 0.014 0.053

*co → ct in Benevolence 0.015 0.015 0.005 2.669 0.008 0.006 0.027

*co → ct in Competence 0.014 0.015 0.005 2.629 0.009 0.006 0.027

*co → ct in Integrity 0.010 0.010 0.004 2.679 0.007 0.004 0.018

co → Product Reviews Usage 0.152 0.159 0.043 3.529 0.000 0.089 0.256

*co → Purchase Intention 0.021 0.022 0.007 2.994 0.003 0.010 0.038

*co → Sellers Reviews Usage 0.079 0.083 0.023 3.465 0.001 0.045 0.134

ct in Benevolence → Affective Trust 0.252 0.252 0.046 5.496 0.000 0.164 0.343

ct in Benevolence → ct in Integrity 0.680 0.678 0.033 20.335 0.000 0.607 0.737

*ct in Benevolence → Purchase Intention 0.183 0.183 0.035 5.286 0.000 0.117 0.252

ct in Competence → Affective Trust 0.676 0.675 0.035 19.395 0.000 0.601 0.739

ct in Competence → ct in Benevolence 0.643 0.642 0.038 16.957 0.000 0.567 0.714

*ct in Competence → ct in Integrity 0.437 0.436 0.042 10.424 0.000 0.352 0.516

*ct in Competence → Purchase Intention 0.491 0.490 0.039 12.588 0.000 0.412 0.564

ct in Integrity → Affective Trust 0.156 0.157 0.049 3.208 0.001 0.064 0.257

*ct in Integrity → Purchase Intention 0.113 0.114 0.035 3.209 0.001 0.046 0.184

*Consumer Experience → Affective Trust 0.084 0.083 0.018 4.678 0.000 0.050 0.119

*Consumer Experience → ct in Benevolence 0.060 0.059 0.017 3.510 0.000 0.027 0.092

*Consumer Experience → ct in Competence 0.059 0.059 0.017 3.396 0.001 0.025 0.093

*Consumer Experience → ct in Integrity 0.041 0.040 0.012 3.501 0.000 0.018 0.062

Consumer Experience → Product Reviews Usage 0.317 0.317 0.042 7.529 0.000 0.235 0.402

*Consumer Experience → Purchase Intention 0.061 0.061 0.013 4.608 0.000 0.036 0.086

Consumer Experience → Sellers Reviews Usage 0.322 0.323 0.045 7.180 0.000 0.236 0.409

eco → Affective Trust 0.069 0.072 0.033 2.073 0.038 0.015 0.142

*eco → Purchase Intention 0.050 0.052 0.024 2.076 0.038 0.010 0.103

*perf → Affective Trust 0.016 0.017 0.005 2.998 0.003 0.008 0.029

*perf → ct in Benevolence 0.012 0.012 0.005 2.500 0.012 0.004 0.022

*perf → ct in Competence 0.011 0.012 0.005 2.429 0.015 0.004 0.022

*perf → ct in Integrity 0.008 0.008 0.003 2.506 0.012 0.003 0.015

perf → Consumer Experience 0.193 0.202 0.050 3.849 0.000 0.120 0.313

*perf → Product Reviews Usage 0.061 0.064 0.018 3.371 0.001 0.034 0.106

*perf → Purchase Intention 0.012 0.012 0.004 2.965 0.003 0.006 0.021

*perf → Sellers Reviews Usage 0.062 0.066 0.020 3.094 0.002 0.034 0.113

*pvc → Affective Trust 0.139 0.140 0.041 3.345 0.001 0.063 0.225

*pvc → ct in Benevolence 0.119 0.120 0.037 3.226 0.001 0.052 0.195

pvc → ct in Competence 0.181 0.183 0.057 3.197 0.001 0.076 0.296

Continued on the next page

ent. As total effect is the sum of direct effect and indirect effect(s),
only direct and total effects are reported (tables 8 and 9). The indi-
rect effect, in this case, is easy to calculate as the difference between
total and direct effects (or as multiplication of particular path coef-
ficients). In the case of lack of direct relationship total effect equals
indirect effect – such cases are marked with asterisk table 9.
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table 9 Continued from the previous page
*pvc → ct in Integrity 0.153 0.155 0.052 2.939 0.003 0.057 0.262

pvc → Consumer Experience 0.117 0.119 0.053 2.222 0.026 0.020 0.227

*pvc → Product Reviews Usage 0.037 0.038 0.017 2.122 0.034 0.005 0.074

pvc → Purchase Intention 0.173 0.176 0.044 3.942 0.000 0.097 0.269

*pvc → Sellers Reviews Usage 0.038 0.039 0.018 2.064 0.039 0.005 0.077

Product Reviews Usage → Affective Trust 0.194 0.193 0.036 5.334 0.000 0.122 0.263

*Product Reviews Usage → ct in Benevolence 0.096 0.095 0.024 3.957 0.000 0.047 0.142

*Product Reviews Usage → ct in Competence 0.095 0.094 0.025 3.829 0.000 0.045 0.143

*Product Reviews Usage → ct in Integrity 0.065 0.065 0.017 3.936 0.000 0.031 0.095

*Product Reviews Usage → Purchase Intention 0.141 0.140 0.027 5.301 0.000 0.088 0.191

Product Reviews Usage → Sellers Reviews Usage 0.519 0.519 0.039 13.342 0.000 0.442 0.594

*rsc → Affective Trust 0.058 0.061 0.028 2.045 0.041 0.013 0.125

*rsc → ct in Benevolence 0.055 0.058 0.027 2.027 0.043 0.012 0.119

rsc → ct in Competence 0.086 0.091 0.041 2.091 0.037 0.020 0.181

*rsc → ct in Integrity 0.037 0.040 0.019 1.961 0.050 0.007 0.083

*rsc → Purchase Intention 0.042 0.045 0.021 1.989 0.047 0.009 0.093

*Sellers Reviews Usage → Affective Trust 0.140 0.139 0.031 4.540 0.000 0.075 0.197

Sellers Reviews Usage → ct in Benevolence 0.185 0.184 0.045 4.148 0.000 0.094 0.269

Sellers Reviews Usage → ct in Competence 0.182 0.181 0.044 4.122 0.000 0.090 0.265

*Sellers Reviews Usage → ct in Integrity 0.126 0.125 0.031 4.123 0.000 0.061 0.181

*Sellers Reviews Usage → Purchase Intention 0.102 0.101 0.023 4.409 0.000 0.053 0.144

notes Column headings are as follows: (1) original sample (o). Bootstrap estimates: (2) sample mean (M),
standard error (sterr), (4) t-statistics (|o/sterr|), (5) p-values. Bootstrap bias corrected 95% confidence in-
terval: (6) low, (7) up. * indirect effect only.

multi group comparisons regarding chosen brand

In this study, consumers were expected to make choice of an auto-
matic coffee machine (as a suggestion for a neighbour buy) in prod-
uct comparison site environment. This choice has been recorded on
the level of particular product recognizable by exact type (described
as producer alphanumerical code). To form groups for comparison
chosen brand has been used.

Study participants can choose any of brands available in prod-
uct comparison site although better-known brands (of large general

table 10 Structure of Brand Choices Made by Research Participants with Size
of Groups for pls-mga

Groups of brands Brand name Group size (n) Share (%)

Included for PLS-MGA analysis Saeco 150 32.5

De Longhi 107 23.2

Krups 75 16.3

Bosch 63 13.7

Siemens 42 9.1

Excluded from PLS-MGA analysis Severin 3 0.7

Zelmer 3 0.7

other 18 3.9
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appliances producers or coffee machine specialists) were selected
more frequently than others (structure of brand choices, with aggre-
gation rules used). This led to forming five groups for main brands
and excluding less popular ones. The largest group was for Saeco
brand – n = 150 (at the time of research it was presented on prod-
ucts in two forms: Saeco and Philips Saeco), and smallest one – for
Siemens brand (n= 42).

Standardized path coefficients with significance levels coming
from bootstrapping for five analysed groups are varying between
groups. To compare groups pls-mga non-parametric test, not re-
quiring distributional assumptions has been performed (Henseler
2012). Results of group comparison are gathered in table 11.

As brand formed groups are differing in size (including one group
with size below 50), there is greater chance to obtain statistically in-
significant estimates, also differences between groups must be rela-
tively large to be significant.

As is visible in table 12, the number of significant differences and
statistical tendencies between groups is rather low – this suggests
that on general level brand choice not changes substantially the val-
ues of particular paths in estimated model, and the most of the dif-
ferences apply to sellers reviews usage and cognitive trust in com-
petence path.

Discussion

On the base of model estimation (on the whole sample and on groups
level) it is easily confirmed that concept of trust-based adoption
model is valid. As predicted cognitive trust constructs (particularly
cognitive trust in competence – directly and indirectly) are explain-
ing well the affective trust (with about 61.2% of variance explained)
and later – purchase intention (about 55.1% of variance explained).
This is convergent with results of other studies utilising trust-based
adoption model by Komiak and Benbasat (2006), and findings from
the case of online retailer (Zhang, Cheung, and Lee 2014). Also
in group-wise estimation standardised path coefficients are similar,
without significant differences between groups formed on a base of
chosen product brand, although lack of corresponding research does
not allow for direct comparison with other authors studies.

Taking into account part of the model including connections be-
tween consumer experience in product comparison sites usage and
product/sellers reviews usage, the results are suggesting the stron-
ger influence of experience on product reviews usage than sellers
review usage, although the latter is quite well explained by the first
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one. This is consistent with two stages approach in the decision of
buy online – many consumers are choosing product first (including
its brand and other characteristics), and later are selecting the seller
from who they are deciding to buy. Comparing groups for this con-
nections leads to finding that choice of Siemens brand (comparing
to other ones) has been made by consumers for whom connection
between their experience and both types of reviews usage, in real-
ity, disappeared – this can be effect of automatic choice of previously
used and preferred brand of electric appliances for other product
categories. For all groups connection between product reviews and
sellers reviews usage is clear and significant.

Answering research question 1 (rq1) where there was focus on
what connects previous consumer experience with product compar-
ison site usage and opinions about products and sellers usage with
trust toward product comparison site constructs from trust-based
adoption model, one can tell that those connections are weak – ob-
tained values of standardised path coefficients are significant, but
rather low. Only paths connecting sellers review usage with two cog-
nitive trust constructs (in competence and in benevolence), as well
as path connecting product review usage directly with affective trust
are significant in the whole sample, but not always in groups.

Three consumer decision-making styles affected directly men-
tioned constructs of consumer experience and product reviews us-
age – this allows to provide an answer to research question 2 (rq2).
Consumer experience has been in part explained by perfectionis-
tic style (stronger) and rather obviously by price-value conscious
style. The higher level of those styles the greater consumer expe-
rience in product comparison site usage, that is consistent with the
description of shopping outcomes of people with those style pro-
nounced (Sproles and Kendall 1986). Perfectionistic consumers are
seeking perfect products and easily retrieve and compare informa-
tion provided by product comparison site. Similarly, it is much easier
find good deals and receive expected value for money or low price
by using extensively product comparison engines. Exactly opposite
meaning has the connection between confused by overchoice style
and usage of product reviews – the more confused by overchoice
consumer, the more important is for her/him obtaining easy com-
parisons and suggestions what to buy from product comparison site,
that takes from consumer burden of retrieving much information.
The indirect influence of perf and co styles on purchase intention
via trust constructs is relatively low but significant.

Research question 3 (rq3) was about the nature of connections
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of consumer decision styles with trust-based adoption model con-
structs. There is clear that consumer decision-making styles are con-
nected in greater extent with cognitive trust in competence of prod-
uct comparison site. Such service makes easier to find good deals
– so the highest path coefficient is for connection with price-value
conscious style. Perceived competence of product comparison en-
gine makes shopping decisions easier and more pleasant – this ex-
plains the path from the recreational (hedonic) style. As one of the
most important concerns of consumers in online retail is the authen-
ticity of merchandised products from excellent and desirable brands,
brand conscious style positively influences cognitive trust in compe-
tence – the higher brand consciousness, the more positive evaluation
of product comparison sites competences.

Direct connection with affective trust has been found for ecologi-
cally aware consumers – the higher eco style level, the more positive
affective trust toward product comparison site. Similarly, price-value
conscious style level directly influences cognitive trust in integrity
and purchase intention (that was expected). In general, the biggest
influence on trust toward product comparison sites and purchase
intention (directly and indirectly) from all of consumer decision-
making styles has obviously the price-value conscious style – table 9.

Looking into differences between groups (chosen brands), there is
the largest number of significant differences for sellers review usage
and cognitive trust in competence. For consumer decision-making
styles there are very rare situations when the choice of particular
brand changes relationships between constructs in research model.
Such approach has not been found in the literature up to date.

In previous research (Mącik and Nalewajek 2013, 116), where in-
tention to use of virtual sales channel and actual usage of internet
shopping aids, was studied, gave suggestion about influence of three
consumer decision-making styles on those constructs – price-value
consciousness (pvc), novelty-fashion consciousness (nfc), and com-
pulsive tendencies (comp) significantly explained virtual channel
usage. Different construct than in this study has been explained by
different consumer decision-making styles. The only style present
in both studies is price-value consciousness (pvc), confirming that
seeking possibly lowest prices is one of most important motives to
use virtual channel by consumers.

On more general level, connections of consumer decision-making
styles and intention to use as well as actual use of virtual channel
have been studied on two different samples by Mącik and Mącik
(2009, 1281–2). Obtained results include relatively strong influence
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of perfectionistic style (perf), weaker of habitual brand-loyal style
(hbl) on intention to use of virtual channel. There were also found:
negative influence of price-value consciousness (pvc) and positive
influence of compulsive buying tendencies (comp) on actual use of
internet shopping. So those results are mostly inconsistent with cur-
rent study results, although different constructs were explained in
both cases, as well as virtual channel usage significantly increased
at the time between both studies.

Implications, Further Research and Limitations

Research results, confirming conceptual model of relationships, are
implying that to create purchase intention with product compari-
son site help, as high as possible affective trust toward such site
is needed. Affective trust is created mostly from cognitive trust
in competence, explained by sellers review usage and price-value
conscious (pvc) consumer decision-making style, linked with brand
consciousness (bc) and hedonic style (rsc). For product comparison
sites operators valuable is knowledge that exist specific combina-
tion of consumer decision-making styles that encourage favourable
trust beliefs toward product comparison sites. For instance promot-
ing possible finding lowest possible price and certainty of branded
products originality should attract more intensive usage of men-
tioned sites. Also, because of influence of products and sellers
review usage intensity on trust constructs, there should be pro-
moted more intensive usage of both types of reviews, particularly
among consumers confused by overchoice and perfectionistic in-
dividuals.

Using one product category is important limitation of this study,
although the choice of automatic coffee machine for this research
was conditioned by the generally low level of this product expertise
among consumers. Other limitation is relatively homogenous sam-
ple in terms of participants’ demographic background – university
students and their working or studying peers only were surveyed.
This suggests that some of the influences in more diversified sample
– particularly in terms of age – can be different than obtained, e.g.
influence of previous experience in product comparison site on cog-
nitive trust should be higher and more direct for older consumers.
Also, different typical profiles for older consumers can lead to the
slightly changed set of consumer decision-making styles explaining
constructs of trust-based adoption model.

Further research can include changing and/or adding other prod-
uct categories to validate model in different settings, as well as com-
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bining used constructs with other approaches of technology accep-
tance measurement.

Conclusion

Research results are generally confirming conceptual model as well
as their measurement reliability and validity. Main paths of influ-
ences: cognitive trust – affective trust – purchase intention – choice
satisfaction is confirmed by relatively high standardised path co-
efficients, although the effect of selected for model antecedents of
trust-based adoption model constructs is significant but lower than
expected. So main relationships in product comparison site usage
are similar to those found in the case of online retailer (Zhang, Che-
ung, and Lee 2014). Also incorporating consumer decision-making
styles to the model gave valuable insights – far from obvious – about
their influence on purchase intention and brand choice. Comparison
across chosen brands generally confirms that observed relationships
are generally stable, with minor differences across product specialist
brands and more diversified ones.
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