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Background and Purpose: In Slovenia, few management buyout (MBO) studies have been carried out. The focus
was mostly on the motives for acquisition of companies and the success rate of the acquisitions. This paper aims to
analyse the indicators which suggest an impending bankruptcy or financial restructuring of companies and explore
how these indicators are different for successful and unsuccessful MBOs.

Methodology: In the survey, we included 23 selected MBOs in Slovenia between 2005 and 2008, using the following
financial and non-financial indicators: profitability, performance, solvency and liquidity, using the analytic hierarchy
process method. The key aim of the survey was to use financial and non-financial indicators to study if target compa-
nies where bankruptcy or financial restructuring has not yet been initiated prevalently have higher aggregate values
compared to those in which bankruptcy or financial restructuring procedures have already begun. Thus, we used the
selected indicators to demonstrate one of the possible methods to predict the success of a particular MBO.
Results: We found that in most examples of unsuccessful MBOs, target companies have poorer results in terms of
performance, solvency and liquidity, when compared to successful MBOs. Based on the selected areas, we divided
the results into four quarters. We found that most target companies where MBOs had been unsuccessful are ranked
in a lower quarter than most of the target companies where the MBOs had been successful.

Conclusion: The papers main contribution is the finding that the selected financial and non-financial indicators differ
in cases of successful and unsuccessful MBOs. This knowledge helps us to find ways of avoiding these situations
in the future.

Keywords: Management buy-outs; Management; Bankruptcy models; Financial and non-financial indicators; the an-
alytic hierarchy process

community where the company operates.

An MBO happens when the target company’s manag-
ers are the buyers of the controlling share. In the United
States of America (USA), MBOs were first introduced in
the middle of the 20th century, whereas they did not occur
in the United Kingdom (UK) until the late 1970s. Franks

1 Introduction

Corporate buyouts are tools which investors use to max-
imize the market value of shareholders’ assets through
positive synergies, corporate restructuring, product diver-
sification, concentration of ownership, tax benefits, pene-

tration of new markets, and replacing poorly-performing
management staff (Ross et al. 1993; Bester 1996; Da-
modaran 2001; Weston et al. 2001; Lahovnik 2013; Kamo-
to, 2017). According to Paredes (2003), corporate buyouts
affect shareholders, corporate management, supervisors,
employees, customers, suppliers, creditors and the local
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and Harris (1989) emphasize that managerial theories ar-
gue that managers are primarily acting to serve their own
interests, their wealth, they aim to build an empire, create
security, reputation, and only then the owners’ interests
are considered. MBOs include three entities in particular,
namely the buyers (i.e. the management), the target com-
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pany’s shareholders, and the financiers of the MBO.

A buyout of the target company is mostly financed
through debt which is then transferred onto the target com-
pany. This way, financial leverage effects are used, and
we speak of a leveraged buyout (LBO). For this reason,
it often happens that target companies become insolvent.
Michel and Shaked (1990) argue that financial effects of
insolvency strongly affect the lenders, shareholders, ana-
lysts, creditors, investment bankers and other stakeholders
in MBO and LBO transactions. Easterwood et al. (1997)
further claim that there is empirical evidence of MBOs ex-
ploiting the target company’s assets.

According to Mencinger (2009), many LBO compa-
nies were no longer able to repay their loans by 2009, re-
sulting in a 15% increase in bankruptcies in the European
Union, and in the USA, 50% of all LBOs ended up going
bankrupt. While by the end of the past century the share of
own financing increased, financing from other sources was
still higher (DePamphilis 2003; DePamphilis 2012).

In this paper, we will begin by presenting a theoreti-
cal overview of existing literature dealing with business
failure models and indicators' and the research methodol-
ogy, followed by an empirical study of selected MBOs in
Slovenia. We will verify if most target companies where
MBOs had been unsuccessful® have poorer values of se-
lected indicators compared to target companies where the
MBOs had been successful. Further, we will distribute the
target companies into four quarters, ranking from most to
least successful. Over the course of our study, we encoun-
tered certain limitations, which we have described below.

2 Literature Review

Yadav (1986) claims that early signals indicating potential
bankruptcy or financial restructuring allow the manage-
ment and investors to take preventive measures, such as
changes in business policy, reorganization of the financial
structure, and voluntary liquidation. Furthermore, Cheng
(2012) and Amendola et al. (2017) argues that use of fi-
nancial indicators to predict bankruptcy or financial re-
structuring is nothing new. Events from 2008 reinforced
the need for predicting and preventing future bankruptcies
of companies and also giving time to react.

2.1 Bankruptcy Models

Bellovary et al. (2007) argue that, in terms of models used
to predict bankruptcy or financial restructuring, 28 studies
were done in the 1980s, 53 in the 1980s, 70 in the 1990s,

and 11 in the 2000-04 period. The models used between
1970 and 2004 were as follows: multivariate discriminant
analysis (63), logit analysis (36), probit analysis (7), neural
networks (40) and others (26).

In 1930 Smith and Winakor (1930) designed one of the
first bankruptcy prediction models, where the efficiency
ratio was used. They studied financially distressed compa-
nies in the span of 10 years prior to bankruptcy or financial
restructuring, using 21 different financial indicators. They
established that companies had worse indicators even a
few years before bankruptcy or financial restructuring,
proving the usefulness of financial indicators in predict-
ing bankruptcy events. It should be emphasized, however,
that this was a time of economic recession, which came as
a result of the 1929 stock market crash (Aliakbari 2009;
Cheng 2012).

Below is a presentation of a few models in more detail.

Univariate and Multivariate Analysis

Using univariate analysis in the period from 1920 to 1929,
FitzPatrick (1934) performed a survey on 20 companies
which did not go into bankruptcy, and 20 which did. He
analyzed 13 financial indicators, and the study showed a
significant differences between the indicators for either
group.

Furthermore, Beaver (1966) used univariate analysis
to study 30 financial indicators which are signals of bank-
ruptey or financial restructuring up to five years prior to
the aforementioned procedures. The following areas were
studied: (i) cash flow ratios, (ii) net income ratios, (iii)
debt to asset ratios, (iv) liquid asset to total asset ratios, (V)
liquid asset to current debt ratios, (vi) turnover ratios. He
found that the following six financial indicators were most
useful for predicting bankruptcy or financial restructuring:
(i) cash over total debt, (ii) net income over total assets,
(iii) current liabilities and long-term liabilities over total
assets, (iv) working capital over total assets, (v) current
ratio, (vi) defensive ratio. According to Cheng (2012), the
predictability of two indicators, namely the total debt over
total assets and net income over total assets, was higher
than 50%. Other indicators were satisfactory in the first
and second year (87%), but did not do well in the years
to follow, while the selection of financial indicators was
determined subjectively, according to the industry and
company type.

Aliakbari (2009) used univariate analysis to confirm
that four indicators affect the company’s likelihood of
bankruptcy: profitability, leverage, activity and cost struc-
ture. Furthermore, Dimitras et al. (1996) argue that the
most important financial indicator is solvency, followed

1 In analyzing bankruptcies in the USA, in most cases the phrase “business failure” is used, which refers to a company which
is undergoing one of the insolvency procedures. This can include bankruptcy or financial restructuring/compulsory settlement,
therefore we use the term bankruptcy or financial restructuring to refer to the foregoing.

2 According to Tutuncu (2014), unsuccessful MBOs and LBOs are those that went bankrupt.
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by profitability.

Multiple discriminant analysis is an example of multi-
variate analysis. One such model is the so-called Altman
bankruptcy Z-score model, which evaluates the company’s
financial well-being.

In a study carried out on 33 companies which went
into bankruptcy and on 33 companies that did not, Altman
(1968) chose five categories (liquidity, profitability, lever-
age, solvency, and activity) among 22 indicators, which
the study showed were best used in combination to predict
bankruptcy. The model is intended for production compa-
nies whose stocks are quoted on the stock exchange. He
also chose five indicators, namely (i) working capital over
total assets ratio (factor value: 1.2), (ii) retained earnings
over total assets (factor value: 1.4), (iii) earnings before
interests and taxes (EBIT) over total assets (factor value:
3.3), (iv) market value equity over book value of total debt
(factor value: 0.6), (v) sales over total assets (factor val-
ue: 1). It turned out that the bankruptcy prediction model
had a 94% accuracy rate. In 95% of the cases it correctly
separated companies headed for bankruptcy from those
not declaring bankruptcy one year prior to the bankruptcy,
in 72% of the cases it predicted the bankruptcy two years
ahead of the bankruptcy, in 48% of the cases it predicted
the bankruptcy three years ahead of the bankruptcy, in 29%
of the cases it predicted the bankruptcy four years ahead of
the bankruptcy, and in 36% of the cases it predicted the
bankruptcy five years ahead of the bankruptcy. It further
turned out that the bankruptcy event can be predicted up to
two years ahead of the start of the actual bankruptcy.

Logit and Probit Analysis

Ohlson (1980) studied both these analyses, using multiple
logistic regression to predict bankruptcy. His study includ-
ed 105 companies in bankruptcy in the period from 1970
to 1976, nine independent variables and data up to three
years ahead of the bankruptcy. In the first year model, the
probability rate was 85.1%, 87.6% in the second year mod-
el, and 82.6% in the third year model (Balcaen and Ooghe
2006; Cheng 2012).

Both these models were subsequently used by Gentry
et al. (1985), using cash flow indicators as independent
variables. Their sample included 33 companies from vari-
ous industries, in the period between 1970 and 1981. The
probability rate was 83% one year prior to bankruptcy, and
77% three years prior (Nunthaphad 2001; Cheng 2012).

Neural Network

Jandaghi et al. (2011) used an analysis of general neural
networks to study 120 Iranian companies (60 in bankrupt-
cy and 60 “matched” companies). Based on popularity in
literature, data accessibility and expert evaluation, they
defined four areas which affect a company’s likelihood of
bankruptcy, and within these areas they defined ten finan-
cial indicators, assigning weights to each. These areas and
financial indicators are: liquidity (current ratio and quick

ratio), leverage (debt to equity ratio and debt to asset ratio),
operating (inventory turnover ratio and total asset turno-
ver ratio) and profitability (return on shareholder’s equity,
profit margin, return on total assets and gross margin).

K & P Model

Clark et al. (1997) used the so-called K&P model (Kound-
inya & Puri model), which uses the analytical hierarchy
process model (AHP), using the decision tree to predict
bankruptcy or need for corporate restructuring (Aliakbari
2009; Gurau 2013; Barbuta-Misu and Codreanu 2014).

As argued by Clark et al. (1997) and Gurau (2013), the
model applies the AHP method, dividing financial risk into
four hierarchical levels and three categories of financial
risk. Thus, financial risk is determined by four attributes,
namely liquidity position, earning power, asset utilization
and financial flexibility. These attributes are weighted us-
ing pairwise comparisons on each hierarchical level, based
on the goal on the subsequent level.

Furthermore, Huo (2006) defines the K&P financial
risk model, which has three categories of financial risk and
measures the financial risk of four attributes, namely li-
quidity position (current ratio and cash flow to sales ratio),
earning power (net profit margin and total asset turnover),
asset utilization (inventory turnover and total asset turno-
ver) and financial flexibility (interest coverage, debt ratio
and debt to equity ratio).

2.2 Financial and Non-financial
Indicators

Bellovary et al. (2007) argue that a total of 752 different
indicators were used in studies of predicting corporate
bankruptcies, with the following ten being used most com-
monly:

* Net income / Total assets (54 times),

* Current ratio (51 times),

» Working capital / Total assets (45 times),

 Retained earnings / Total assets (42 times),

» EBIT/ Total assets (35 times),

» Sales / Total assets (32 times),

* Quick ratio (30 times),

* Total debt / Total assets (27 times),

 Current assets / Total assets (26 times),

* Net income / Net worth (23 times).

Furthermore, Cheng (2012) argues that financial indicators
are most often used in predicting bankruptcies, as they are,
for the most part, determinable using formulas, they can
be tracked and are expressible in numbers. He studied five
financial indicators which determine whether a company
is in good health or if it is likely to go into bankruptcy.
The indicators are as follows: (i) profitability (return on
sales, return on assets and return on equity), (ii) solvency
or liquidity (quick ratio, current ratio, current liabilities to
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net worth, current liabilities to inventory, total liabilities
to net worth and fixed assets to net worth), (iii) efficiency
(collection period, inventory turnover, sales to net working
capital, assets to sales and account payable to sales), (iv)
stability (leverage or gearing ratio and interest cover ratio),
(v) investor ratios (earning per share, price-earnings ratio
and dividend yield).

International studies also showed better accuracy in
predicting bankruptcies when financial and non-financial
indicators were used (Wright et al. 1996; Grunert et al.
2004; Mondal 2008; Altman et al. 2010; Pervan and Ku-
vek 2013; Aruldoss et al. 2015; Jones 2017). Pervan and
Kuvek (2013) further argue that studies have demonstrat-
ed that models which include both financial and non-fi-
nancial indicators have a 9% better accuracy in predicting
insolvency of companies. Non-financial indicators are,
for example, firm age, number of employees, quality of
accounting information, dependence of key customers,
firm owners personal credit performance and management
quality.

Mondal (2008) used the so-called Hybrid Score mod-
el to study six companies undergoing bankruptcy in the
period from 1990 to 1999, which corresponds to 10 to 1
years ahead of bankruptcy, and assigned weights for 16
ratios. The sum of the weights equals 1, and they were
determined through applying a number of mathemati-
cal models. Market implied ratios are distance to default
(years prior to bankruptcy), probability of default and
asset volatility®. Financial ratios are liquidity, profitabili-
ty and solvency. Liquidity ratios are current ratio, quick
ratio, inventory turnover and current cash debt coverage.

Profitability ratios are profit margin, cash return on sales,
asset turnover, return on assets, return on common equity,
earnings per share and price — earnings ratio. Solvency ra-
tios are debt to total assets and times interest earned. The
lower the leverage rate, the healthier the company is and
the lower the likelihood of bankruptcy, the higher other
financial indicators are, the more a company is able, or fit,
to tackle short-term and long-term liabilities. It turned out
that in most cases, financial deficiencies had already been
apparent in companies which later went into bankruptcy.

In their study, Wright et al. (1996) studied 110 MBO in
the UK, in the period from 1982 to 1984. Out of these, 57
MBOs continued operating successfully, while 53 MBOs
were unsuccessful. The research included financial varia-
bles (liquidity, leverage, turnover per employee, profitabil-
ity, net worth to total assets, total assets, capital intensity,
etc.) and non-financial variables (new products introduced
after buy-out, plans to change (reduce) employment three
years after buyout, share of the equity held by manage-
ment, etc.) between the individual years. The study used
the t-test, discrimination models and the logit model. They
discovered that liquidity has a strong negative impact on
the probability of an unsuccessful MBO, and it already
becomes apparent one year prior to bankruptcy. Capital
intensity, on the contrary, is linked to a lower probability
of MBO failure.

Table 1 shows an overview of financial and non-finan-
cial indicators used in different studies in the past. We also
used the indicators ourselves for the purposes of the study,
and are presented below.

Table 1: An overview of some prior researches of used indicators (Source: authors)

Category/ Indicator Prior Researches

Profitability Altman (1968), Courtis (1978), Arrington et al. (1984), Wright et al. (1992), Dimitras et
al. (1996), Herst and Hommelberg (2002), Park and Han (2002), Bellovary et al. (2007),
Mondal (2008), Pusnik and Tajnikar (2008), Aliakbari (2009), Manea (2009), Jandaghi

et al. (2011), Cheng (2012) and Le and Viviani (2017).

Wright et al. (1996), Safieddine and Titman (1999), EVCA (2001), Harris et al. (2005),
Amess and Wright (2007), Wright et al. (2007), Cressy, Munari and Malipiero (2008),
Mondal (2008), Kaplan and Stromberg (2009), Manea (2009), Jelic and Wright (2011),
Pervan and Kuvek (2013) and Jones (2017).

Business performance?

Solvency Beaver (1966), Bellovary et al. (2007), Pusnik and Tajnikar (2008), Jandaghi et al.
(2011), Cheng (2012) and Jones et al. (2017).
Liquidity FizPatrick (1932), Altman (1968), Tamari (1970), Arrington et al. (1984), Skok (1992),

Wright et al. (1996), Clark et al. (1997), Huo (2006), Bellovary et al. (2007), Mon-
dal (2008), Pusnik and Tajnikar (2008), Manea (2009), Jandaghi et al. (2011), Gurau
(2013), Jones et al. (2017) and Le and Viviani (2017).

3 The bankruptcy probability and asset volatility indicators were calculated using the Merton model (Mondal 2008).

4 The business performance indicator demonstrates the characteristics of a company, which may, inter alia, include the number of
employees, positive and negative cash flows of companies, net profit and net loss (including company insolvency), etc. (AJPES
2016). In our study, we included the number of employees and company performance from the perspective of insolvency.
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2.3 Study Aims and Hypotheses

Numerous theories and studies of unsuccessful MBOs fo-
cus mainly on shared financial characteristics of companies
which became insolvent. According to Cain and Davidoff
Solomon (2011), on the one hand there are some reserva-
tions against performing an MBO, while on the other hand
there are some reasons to proceed with the MBO. Jensen
(1991) argues that the more MBOs are financed through
debt, or the greater the financial leverage, the higher the
probability that the MBO itself will not be successful.

In our study we used selected financial and non-finan-
cial indicators to show which indicators affected the suc-
cess or failure of MBOs in Slovenia. In this context, we
focused mainly on the following goals:

» Compare selected MBOs in Slovenia and categorize
individual MBOs as successful and unsuccessful, us-
ing comparable elements,

* Analyze what values appear in successful and unsuc-
cessful MBOs using the AHP method according to
different areas of interest,

e Based on the results, we classified the MBOs into
four quarters (ranking from most to least successful).

In our study, we tested the following hypotheses (H) and
auxiliary hypotheses:

* H,: Most target companies where MBOs had been
unsuccessful have poorer values of selected area-spe-
cific indicators, compared to target companies where
the MBOs had been successful.

* H,: Most target companies where MBOs had been
unsuccessful have poorer values of indicators in the
area of profitability, compared to target companies
where the MBOs had been successful.

* H, : Most target companies where MBOs had been
unsuccessful have poorer values of indicators in the
area of business performance, compared to target
companies where the MBOs had been successful.

* H,,: Most target companies where MBOs had been
unsuccessful have poorer values of indicators in
the area of solvency, compared to target companies
where the MBOs had been successful.

* H,,: Most target companies where MBOs had been
unsuccessful have poorer values of indicators in the
area of liquidity, compared to target companies where
the MBOs had been successful.

* H,: Based on the entire selection of indicator, most
target companies where MBOs had been unsuccess-
ful are ranked in a lower quarter than most of the tar-
get companies where the MBOs had been successful.

* H,,: Most target companies where MBOs had been
unsuccessful are ranked in the 3% or 4™ quarter - that
being the worst result.

* H_: Most target companies where MBOs had been
unsuccessful are ranked in the 1* or 2™ quarter - that
being the best result.

3 Methodology

Numerous methods and models are being used in predict-
ing bankruptcies or financial restructurings, as are finan-
cial and non-financial indicators. For the purposes of our
study, we used the AHP method and the Expert Choice ap-
plication, which enables the hierarchical determination of
weights for specific criteria and subcriteria, regarding their
importance.

According to Bolster et al. (1995), the key distinction
between the AHP method and other multiple criteria deci-
sion-making methods is that the AHP method allows for
systematically structuring any complex multidimensional
problem.

3.1 AHP

In the assessment of successful or unsuccessful MBOs,
we can use multiple criteria decision making, where we
simultaneously consider multiple criteria and subcriteria,
which makes it easier for us to make decisions. One of the
decision-making methods using multiple criteria simulta-
neously is the AHP method, which helps us in deciding
which alternative is better, considering the specific goal,
criteria and subcriteria.

A key advantage of the AHP method is setting weights
and measuring the value of alternatives through pairwise
comparisons (Canéer 2005; Canéer and Mulej 2006). AHP
method was used for criteria and subcriteria comparisons,
to gain weights of importance of criteria and subcriteria.
For the evaluation of alternatives, value functions that are
included in the multi-attribute value/ utility theory, were
used.

Another key advantage is measuring the decision-mak-
er’s inconsistency. It must be equal to or less than 0.1
(Saaty 1987; Donegan et al. 1992; Liang 2003). Consis-
tency index that measures the consistency of the decision
maker is calculated as follows (Cander 2003):
where:

e A ....largest eigenvalue of a matrix;

* k... number of attributes.

A — K
Cr = Zm 2 (1)
k-1
Consistency ratio is calculated by using the following for-
mula (Canéer 2003):

Ccl
CR=—(2
1 (2)
where:

* R ... randomly consistency index.
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The AHP method can be used for quantitative and quali-
tative criteria, where a hierarchical model is formed based
on the goal, criteria and subcriteria, as well as alternatives
for each decision-making problem separately. Thus, solu-
tions for decision problems are sought in a multiple-crite-
ria environment, to structure the complexity, perform mea-
surements on a ratio scale and synthesis. The AHP method
helps the decision makers determine which information
still needs to be obtained in order to assess the effect of
factors in complex conditions, for finding potential incon-
sistencies in making judgments about criteria importance
and preferences to alternatives, for encouraging ideas in
creative processes, and assessing the efficiency thereof
(Forman and Gass 2001; Can&er 2003; Gavade 2014).

We performed an evaluation of MBO success rate using
the AHP method in six steps, as follows (Saaty 1994; Saaty
1999; Belton and Stewart 2002; Cander 2003; Cander et al.
2006; Cancer and Mulej 2013; Expert Choice 2015):

4. Problem definition: describing in detail the problem,
and specify the global goal, criteria and alternatives.

5. Elimination of unacceptable alternatives: specifying
the requirements for the alternatives, evaluate and
eliminate unacceptable alternatives, i.e. alternatives
which fail to meet the requirements.

6. Problem structuring: specifying the global goal on
the highest level, followed by criteria, subcriteria,
while alternatives are on the lowest level. This way
we form the decision tree.

7. Establishing priorities: expressing judgements about
the importance of the criteria and preferences to the
alternatives. It is recommended to include the rele-
vant experts for specific field. The AHP method is
characterized by the hierarchical way of assigning
weights for the criteria, where the sum of the weights
for each group of criteria with respect to the higher
level criterion equals 1.

8. Synthesis to obtain the final (aggregate) alternative
values: so that local priorities are changed into global
priorities, and are then added up for each alternative
on the last level of the model. As the criteria are struc-
tured in two levels, the aggregate alternatives’ values
are obtained by (Cander 2012):

(X)) =" W wv, (X )(3)
foreachi=12 ..,n

where:
. ij(X ) ... local value of the i" alternatives with respect
to the s™ attribute of the /™ criterion;
* w, ... weight of the s attribute of the /™ criterion;
* w, ... weight of the Jj™ criterion;
* P number of the j™ criterion subcriteria.

9. Sensitivity analysis and verification: to determinate
the performance analysis, which shows how alter-
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natives are more desirable in comparison with other
alternatives according to individual criteria and with
regard to the global goal.

Bagchi and Rao (1992) argue that the AHP method is use-
ful in cases which involve complex problems and multi-
ple criteria, where not all may be objectively measurable
and where the need arises to evaluate the effectiveness of
the program or project. The success or failure of MBOs
depends on many factors, including the financial dimen-
sions, industry, size, personality characteristics, products
and growth. Criteria may include: financial characteristics,
growth potential, employees (corporate climate and inter-
personal relations), competitive advantages, organization-
al skills, size and products.

Furthermore, Strinivasan and Kim (1987), Zopounidis
and Doumpos (2002), Stuer and Na (2003) and Sum (2015)
argue that the AHP method may also be used in finance,
specifically in capital planning, financial instrument selec-
tions, mergers and acquisitions, predicting bankruptcies
or corporate restructuring, and predicting foreign interest
rates. Kwak (2012) states that the AHP method is useful in
predicting bankruptcies mainly because it allows the use of
both financial and non-financial indicators.

In the period between 1995 and 1998, Park and Han
(2002) studied 2144 companies in bankruptcy and compa-
nies where the bankruptcy process had not yet begun. They
used the AHP method and the Expert Choice application.
The model has four hierarchical levels, the second level
contains two fields (financial and non-financial indicators),
while each field has criteria and subcriteria within those
criteria. Financial indicators have five criteria: stability,
profitability, activity, productivity and growth. Non-fi-
nancial indicators also have five criteria: business profit-
ability, competitive advantage, manageability, reliability
and miscellaneous. Each level also has specified weights,
where the pairwise comparison method is used. Eigen-vec-
tor method was used for deriving weights from pairwise
comparison matrices. In determining weights, the consen-
sus of the group was calculated using the geometric mean
of individual judgments with involvement from experts/
analysts from credit rating companies and analysts (credit
risk) from banks.

The Expert Choice application allows using the AHP
scale when expressing judgments on criteria’s importance
and preferences to alternatives (Canéer 2003). In our study
we used Eigen-vector method for deriving weights from
pairwise comparison matrices.

3.2 Procedure

3.2.1 Data Collecting

We obtained the data for our selected areas and indica-
tors from various databases (Agency of the Republic of
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Slovenia for Public Records and Related Services, Secu-
rities Market Agency and a database that allows a broad
overview of the condition of companies operating in the
Slovenian market and helps discover links between related
parties), annual reports and balance sheets of individual
companies. Out of 28 MBOs in Slovenia during the peri-
od from 2005 and 2008, which were subject to the Take-
overs Act, we collected data for 23 selected MBOs. We
did not select MBOs where the acquiring companies were
deleted from the court register. We have also selected only
one MBO, although some target companies appeared two
times.

In our study we used financial and non-financial in-
dicators, and those which were more frequently used and
which are considered to be the best predictors of bankrupt-
cy or financial restructuring (Table 1). We used the data
referring to the year in which the MBO was carried out,
and in some cases for three years after the MBO, since
the study focuses on the MBO year, and on MBO success
or failure status. Thus we sought to prove that unsuccess-
ful MBOs had inferior indicator values when compared to
successful MBOs, both in the year of the MBO and three
years thereafter.

3.2.2 Data Analysis

First we used the comparison/benchmarking method. Out
of 23 selected MBOs in Slovenia in the period from 2005
to 2008 insolvency procedures were initiated in 10 MBOs,
while financial restructuring was initiated in six cases of
MBOs. In our study, we assumed that unsuccessful MBOs
were those where companies ran into liquidity issues after
the MBO was completed, and where insolvency proceed-
ings or preventive restructuring proceedings were initiat-
ed; while successful MBOs were considered to be cases
where target companies did not run into insolvency or pre-
ventive restructuring proceedings. Out of 23 MBOs, seven
were successful and the rest unsuccessful.

We then used selected indicators and set weights to
perform benchmarking of successful and unsuccessful
MBOs in Slovenia. We used the AHP method, supported
by the Expert Choice application.

3.2.3 Proceeding of the Research

Defining the problem
All selected indicators, broken down by individual areas/
categories are presented in Table 2.

Elimination of unacceptable alternatives

We included only 13 alternatives (MBO) in the study, as
we are unable to obtain information for all 23 alternatives
with respect to all criteria and subcriteria. Some alterna-
tives primarily operated as holding companies, therefore it

was not reasonable to use some indicators in their assess-
ment (i.e. especially indicators relating to the operations
of the business). Out of 13 alternatives, five are successful
MBOs and eight are unsuccessful MBOs.

Structuring the problem

We structured the problem using the decision tree: we
entered the goal being determining values of MBOs, fol-
lowed by the criteria which represent four areas: profita-
bility, business performance, solvency and liquidity, attrib-
utes/indicators for each area (subcriteria) and alternatives/
target companies.

Assessment of the criteria’s importance and preferences
to alternatives

The data on individual MBOs according to the subcriteria
was measured using the increasing and decreasing value
functions and direct method. We used increasing value
function for the subcriteria return on equity 1, return on eq-
uity 2, return on assets 1, return on assets 2, employment,
current ratio 1, current ratio 2, quick ratio 1 and quick ratio
2, decreasing value function for the subcriterion debt to
asset ratio 1 and debt to asset ratio 2, and direct method for
the subcriteria management quality. With the direct meth-
od we entered data from 0 to 1, where the best value was 1
(not business failure), and the worst was 0 (business fail-
ure, depending on the number of years prior the business
failure).

In multiple-criteria decision-making, the weights are
often determined in groups, rather than individually, since
individuals lack sufficient knowledge, experience, and
there are also different opinions and priorities. In these
cases, it is important to choose a suitable method for com-
bining/unifying weights for the individual.

In the study, we set the weights depending on the im-
portance of the impact on predicting bankruptcies or finan-
cial restructuring, and depending on the effect on the MBO
(Table 1). We compared the importance of individual cri-
teria compared to the importance of other criteria within
a particular area. In this context, we had assistance from
experts (analysts) dealing with valuations and restructur-
ings (3) and financial scientists (1), and we used the com-
promise method. In the determination of weights we used
the pairwise comparisons, taking into account individual
indicators from past studies, their frequency of use, and
available data.

Synthesis

The most common aggregation tool used in multi-criteria
decision-making is the weighted arithmetic mean (Cancer
2012). In our study we have combined weights using the
weighted arithmetic mean. The equation how we com-
bined weights of criteria and values of MBOs is written in
Chapter 3.1 AHP (Synthesis to obtain the final (aggregate)
alternative values).
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4 Results

4.1 Criteria importance

To express the importance of the areas of profitability,
solvency, business performance and liquidity we used
pairwise comparisons. Thus, for example, the criteria of
profitability and solvency are equally important, while the
profitability is twice as important as the business perfor-
mance criterion. If the criterion in the column is more im-
portant than the criterion in the row, we used parenthesis,
for example, the criteria of solvency is twice as important
as the business performance. The inconsistency ratio is 0
(Table 3).

When assessing the importance of the attributes of the
profitability criterion, we used the pairwise comparison,
too. The subcriterion net return on assets 1 and net return
on assets 2 are 1.5 times more important than net return on
equity 1 and net return on equity 2. The subcriterion net

return on assets 1 is equally important as the attribute net
return on assets 2. The subcriterion net return on equity 1
is equally important as the attribute net return on equity 2.
The inconsistency ratio is 0.

When assessing the importance of attributes for the
business performance criterion, we used the following
pairwise comparison: the subcriterion management quality
is 1.5 times as relevant as the employment criterion. The
inconsistency ratio is 0.

The following pairwise comparison was made for the
attributes of solvency criterion: the attribute debt to asset
ratio 1 is equally important as the attribute debt to asset
ratio 2. The inconsistency ratio is 0.

When assessing the importance of attributes for the li-
quidity criterion, we used the following pairwise compar-
ison: the current liquidity ratio 1 subcriterion is equally as
important as the current liquidity ratio 2, and 1.5 times as
important as the quick liquidity ratio 1 and quick liquidity
ratio 2. The inconsistency ratio is 0.

Table 4 shows the calculated values of the weights on

Table 2: Selected indicators, broken down by individual areas/ categories (Source: authors)

Category Indicator Description of the indicator
Return on equity 1 Return on qu\I;IItBy Oln the year of
Return on equity 2 Return ozllff[:eqrull\;ﬁ3 tgree years
Profitabilit
Y Return on assets in the year of
Return on assets 1 MBO
Return on assets 2 Return on assijls Btl(l)ree years after
Management quality Number of y;?fzrl;mll business

Business performance

Employment

Average full-time equivalent in
the year of the MBO/three years
after the MBO

Debt to asset ratio 1

Total liabilities (excluding
capital)/Total assets (year of the
MBO)

Solvenc
Y Total liabilities (excluding capi-
Debt to asset ratio 2 tal)/Total assets three years after
the MBO
Current ratio 1 Current ratio in the year of MBO
Current ratio 2 Current ratio three years after
L MBO
Liquidity

Quick ratio 1

Quick ratio in the year of MBO

Quick ratio 2

Quick ratio three years after
MBO
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all levels. The largest impact is carried by solvency and
profitability with a weight of 0.302, followed by the crite-
ria of financing/liquidity with a weight of 0.249, and busi-
ness performance with a weight of 0.147.

4.2 Synthesis

We arrived at the final values of the alternatives through
synthesis. We chose the distributive rather than the ideal
synthesis method, as we are comparing all MBOs and our
aim is to distinguish the successful MBOs from unsuc-
cessful MBOs from the entire selection. All five success-
ful MBOs have higher values in the area of business per-
formance compared to unsuccessful MBOs (Table 5 and
Figure 1), followed by liquidity and solvency, where four
successful MBOs are among the top five positions (Table
5 and Figure 1), and the area of profitability, where three
successful MBOs are among the top five positions and
where four (out of eight) unsuccessful MBOs have poorer
values (Table 5 and Figure 1).

We are able to confirm auxiliary hypotheses H, H,,
and H,,, namely that most target companies where MBOs
had been unsuccessful have poorer indicator values in the
areas of business performance, solvency and liquidity,

compared to target companies where the MBOs had been
successful. We are able to partially confirm hypotheses H, ,
because four out of eight target companies where MBOs
had been unsuccessful have poorer indicator values in the
area profitability, compared to target companies where the
MBOs had been successful.

Consequently, we are able to partially confirm hypoth-
esis H,, namely that most target companies where MBOs
had been unsuccessful have poorer values of selected ar-
ea-specific indicators compared to target companies where
the MBOs had been successful.

Table 5 shows the final values of the alternatives ob-
tained with the distributive method based on the goal. The
best alternative is represented by successful MBOs, name-
ly X4 with the value of 0.165, X7 with the value of 0.109
and X9 with the value of 0.103. The worst final values are
measured in two target companies where the MBO was un-
successful, namely X10 and X12, with the value of 0.040.

4.3 Sensitivity analysis

According to the weights that were given to a specific cri-
terion, it can be concluded that target company X4 is more
successful than all other target companies and that target

Table 3: Pairwise comparison between categories (Source: authors)

- Business L
Category Profitability performance Solvency Liquidity
Profitability 2.00 1.00 1.25
Business performance (2.00) (1.80)
Solvency 1.25
Table 4: Weights by categories and indicators (Source: authors)
Category Weight Indicator Weight
Return on equity 1 0.20
Profitability 0.302 Return on equity 2 0.20
' Return on assets 1 0.30
Return on assets 2 0.30
. Management quality 0.60
Business performance 0.147
Employment 0.40
Debt to asset ratio 1 0.50
Solvency 0.302 -
Debt to asset ratio 2 0.50
Current ratio 1 0.30
o Current ratio 2 0.30
Liquidity 0.249 - -
Quick ratio 1 0.20
Quick ratio 2 0.20
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Table 5: Final alternative values compared to the goal, using the distributive synthesis method (Source: authors)

Successful/ unsuccessful MBO Final alternative values
X4 (successful MBO) 0.165
X7 (successful MBO) 0.109
X9 (successful MBO) 0.103
X8 (unsuccessful MBO) 0.084

X2 (successful MBO) 0.080
X3 (unsuccessful MBO) 0.079

X1 (successful MBO) 0.070
X5 (unsuccessful MBO) 0.069
X13 (unsuccessful MBO) 0.061
X6 (unsuccessful MBO) 0.051
X11 (unsuccessful MBO) 0.048
X10 (unsuccessful MBO) 0.040
X12 (unsuccessful MBO) 0.040

companies X10 and X12 are more unsuccessful than all
other target companies (Table 5).

Based on the goal, we used the performance display in
sensitivity analysis to see which the best are and which the
worst alternatives for a specific criterion are. In the profita-
bility criterion, the best alternative is the MBO of company
X7 and the worst alternative is the MBO of company X10,
in the business performance criterion the best alternative is
the MBO of company X9 and the worst alternative is the
MBO of company X6, in the solvency criterion the best
alternative is the MBO of company X4 and the worst alter-
native is the MBO of company X11, in the liquidity criteri-
on the best alternative is the MBO of company X4 and the
worst alternative is the MBO of company X12 (Figure 1).

4.4 Sort alternatives into quarters

Based on the selected areas, we divided the results into
four quarters, where the alternatives which demonstrated
the best results are ranked in the 1% quarter, and the alter-
natives with the worst results are ranked in the 4™ quarter.
In the ranking we relied on the results we obtained through
synthesis, taking into account the values of the alternatives
for each criterion. The quarters are defined using the final
sensitivity analysis results: because the highest values was
0.165, we set the highest value at more or equal than 0.151,
then set individual quarters in intervals of 0.050. The 4™
quarter lists alternatives with values between 0 and 0.050,
the 3" quarter lists alternatives with values between 0.051
and 0.100, the 2" quarter lists alternatives with values be-
tween 0.101 and 0.150, and the 1* quarter lists alternatives
with values higher than or equal to 0.151 (Table 6).

We have checked the auxiliary hypothesis H, , namely
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that most target companies where MBOs were unsuccess-
ful are ranked in the 3™ or 4" quarter - the worst result
(Table 5 and Table 6). Based on the entirety of the select-
ed areas, the 3" quarter contains two successful and five
unsuccessful MBOs, and the worst, 4" quarter contains
three unsuccessful MBOs. Given that all target companies
where MBOs were unsuccessful are located in the 3™ and
4t quarters — the worst result, we are able to confirm aux-
iliary hypothesis H, .

We have checked the auxiliary hypothesis H,,, namely
that most target companies where MBOs were successful
are ranked in the 1% or 2™ quarter - the best result (Table 5
and Table 6). Based on the entirety of the selected areas,
the 1% quarter contains one successful MBO, and the 2™
quarter contains two successful MBOs. Given that three
out of five companies (more than 50 %) where MBOs were
successful are located in the 1% and 2™ quarters — the best
result, we are able to confirm auxiliary hypothesis H.,.

Consequently, we are able to confirm hypothesis H,,
namely that based on the entire selection of indicators,
most target companies where MBOs had been unsuccess-
ful are ranked in a lower quarter than most of the target
companies where the MBOs had been successful.

5 Discussion

The MBOs are characterized by the fact that managers of
the target company invest in the takeover a limited amount
of money, while the rest are acquired by borrowing and
through loans secured by the assets of the target company
itself (Anabtawi 2015). Managers who have invested their
own capital in the MBO or have pledged their own assets
are more engaged in the success and development of the
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Values of alternatives according to the criteria

Alternative (Company)

IR SRR

R Im SRR SEE SRR

0.000 0,050 0,100 0.150 0.200 0,250 0.300 0.350
Values
MLiquidity BSolvency B Business performance B Profitability

Figure 1: Values of alternatives according to the profitability, business performance, solvency and liquidity criteria (Source:

authors)

Table 6: Distribution of quarters (Source.: authors)

Quarter Value of quarter
Ist quarter >0.151
2nd quarter 0.101 -0.150
3rd quarter 0.051-0.100
4th quarter 0-0.050
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company. Nikoskelainen and Wright (2007) found out that
the ownership of managers is one of the main factors in
increasing the value of the takeover. Ownership of man-
agement is positively related to the increase in the value
of the company. Furthermore, Andrade and Kaplan (1998)
found out that many high-leveraged transactions end in
bankruptcy and that more than 30% of the MBOs in the
USA, closed after 1985, began bankruptcy proceedings.
Thus it is important to determine, which indicators affect
the successfulness or failure of the MBOs and reduces the
likelihood of bankruptcy or financial restructuring.

The aim of the study was to determine whether dif-
ferences in financial and non-financial indicators (shown
in Table 2) exist between MBOs undergoing bankruptcy
or financial restructuring and those who have not become
subject to bankruptcy or financial restructuring (final re-
sults are shown in Table 5).

Using the AHP method and the Expert Choice applica-
tion, we included Slovenian MBO cases where companies
ran into bankruptcy or financial restructuring and cases
where companies are still operating after the MBO. We
included MBOs from different periods, industries, regions,
sizes, we included both financial and non-financial indica-
tors, and assigned weights to these indicators.

We established that most unsuccessful MBOs in Slo-
venia have poorer values of selected indicators in the areas
of business performance, solvency and liquidity (but not
in the area profitability), compared to target companies
where the MBOs had been successful, partially confirming
hypothesis H,.

We also found that based on the entire selection of in-
dicators, most target companies where MBOs had been
unsuccessful are ranked in a lower quarter than most of the
target companies where the MBOs had been successful,
confirming hypothesis H..

6 Conclusion

In the study performed on 13 selected MBOs in Slovenia
in the period from 2005 to 2008, we assessed whether fi-
nancial and non-financial indicators differ in cases where
the target company is in bankruptcy, compared to cas-
es where the target company is solvent. We categorized
MBOs between successful and unsuccessful, and defined
financial and non-financial indicators within the areas of
profitability, business performance, solvency and liquidity.

Using the AHP method and the Expert Choice applica-
tion, we structured the problem using the decision tree. Al-
ternatives data were introduced directly, with a decreasing
or increasing value function, and we defined weights for
individual areas and indicators using pairwise comparison,
based on preferences. We then calculated the final values
of alternatives that can help us to reduce the number of
unsuccessful MBOs. We determined that most target com-
panies where MBOs had been successful have higher final
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alternative values of indicators in the areas of business per-
formance, solvency and liquidity, compared to target com-
panies where the MBOs had been unsuccessful.

Finally, we categorized the target companies into four
quarters, where the first quarter was ranked best, and the
fourth was ranked worst. We found that most of the tar-
get companies where the MBO had been successful are
ranked in the first or second quarter, while most companies
where the MBO had been unsuccessful rank in the third
and fourth quarter.

Thus, we used the selected indicators and the AHP
method to demonstrate that the selected financial and
non-financial indicators differ in cases of target companies
undergoing bankruptcy or financial restructuring as op-
posed to those target companies not undergoing bankrupt-
cy or financial restructuring.

6.1 Contributions to Theory and Practice

The study relates to MBOs performed in Slovenia in the
period from 2005 to 2008, when the global economic crisis
began and affected Slovenia as well. Most target compa-
nies became insolvent after the MBO, so it was necessary
to find ways of avoiding these situations in the future.
MBOs affect many stakeholders, such as minority share-
holders, creditors, employees, customers, suppliers, etc.
Reducing the number of unsuccessful MBOs or preventing
bankruptcies will create a better position for all stakehold-
ers compared to an insolvency scenario (e.g. unemploy-
ment, borrowing, etc.).

Our study included target companies which ran into
bankruptcy or financial restructuring, as well as target
companies which are not undergoing bankruptcy or finan-
cial restructuring. The selected target companies span var-
ious industries, sizes and regions in Slovenia, and we took
into account different financial and non-financial indica-
tors and different times prior to bankruptcy or financial re-
structuring. Using the AHP method and the Expert Choice
application, we defined weights for individual areas and
indicators, allowing us to present a bankruptcy or financial
restructuring prediction model (Table 4). With the model,
we can predict that it is more likely that MBO is successful
or unsuccessful if certain values appear in individual areas.
Individual values for criteria (in our model) are presented
in Figure 1.

The criterion solvency is one of the most important
area of successful and unsuccessful MBOs. It has the
highest weight (same as the criterion profitability) and we
found out that most target companies where MBOs had
been successful have higher final alternative values of in-
dicators in the area solvency, compared to target compa-
nies where the MBOs had been unsuccessful.

To reduce the number of unsuccessful MBOs it is
important to focus on solvency. One of the solution is
to change the Takeovers Act in a way that will provide
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greater control over financial resources and the ability to
finance MBOs.

6.2 Limitations and Further Research

The study’s limitations are mainly the following:

* the analysis was limited to MBOs in Slovenia, which
were subject to the Takeovers Act,

+ we analyzed selected MBOs in Slovenia in the peri-
od from 2005 to 2008, where cash was the envisaged
method of payment for acquired shares, and not all
MBOs which were carried out,

» we focused on the indicators which we could readily
gain access to,

» we used secondary sources collected from different
databases, annual reports and balance sheets.

Future research should focus on MBOs abroad rath-
er than Slovenia alone, and should include a longer time
span, as well as other financial and non-financial indica-
tors. It would also be interesting to use a different method
with the same indicators.

Literature

AJPES. (2016). Poslovanje gospodarskih druzb v letu
2016 [Business performace of companies in 2016].
AJPES. Retrieved July 1, 2017, from AJPES https://
www.ajpes.si/novica/Poslovanje _gospodarskih druz-
b v letu 2016?1d=328.

Aliakbari, S. (2009). Prediction of Corporate Bankruptcy
for the UK Firms in Manufacturing Industry. Brunel
University. Retrieved October 31, 2016 from Brunel
University, http://people.brunel.ac.uk/~ecpgssal/The-
sis.pdf.

Altman, E. I. (1968). Financial Ratios, Discriminant
Analysis and the prediction of Corporate Bankruptcy.
The Journal of Finance, 23(4), 589-609, http://doi.
0rg/10.2307/2978933

Altman, E. I., Sabato, G., & Wilson, N. (2010). The val-
ue of non-financial information in small and medi-
um-sized enterprise risk management. The Journal of
Credit Risk, 6(2), 1-33.

Amendola, A., Giordano, F., Parrella M. L., & Restaino,
M. (2017). Variable selection in high-dimensional re-
gression: a nonparametric procedure for business fail-
ure prediction. Applied Stochastic Models in Business
and Industry 33(4), 355-368, http://doi.org/10.1002/
asmb.2240

Amess, K., & Wright, M. (2007). Barbarians at the Gate?
Leveraged Buyouts, private Equity and Jobs. Social
Science Research Network. Retrieved May 1, 2015,
from Social Science Research Network, http://papers.
ssrn.com/sol3/papers.cfm?abstract id=1034178

Anabtawi, 1. (2015). Predatory Management Buyouts. UC

Davis Law Review 49 (4), 1-46.

Andrade, G., & Kaplan, S. N. (1998). How Costly Is Finan-
cial (Not Economic) Distress? Evidence from High-
ly Leveraged Transactions That Became Distressed.
The Journal of Finance 53 (5), 1443-1493, http://doi.
org/10.3386/w6145

Arrington, C. E., Hillison, W., & Jensen, R. E. (1984). An
application of Analytical Hierarchy Process to Model
Expert Judgment on Analytical Review Procedures.
Journal of Accounting Research, 22(1), 298-312,
http://doi.org/10.2307/2490711

Aruldoss, M, Travis, M. L., Venkatesan, V. P. (2015). A
reference model for business intelligence to predict
bankruptcy. Journal of Enterprise Information Man-
agement 28(2), 186-217, http://doi.org/10.1108/JEIM-
09-2013-0069

Bagchi, P., & Rao, R. P. (1992). Decision Making in Merg-
ers: An Application of the Analytic Hierarchy Process.
Managerial and Decision Economics, 13(2), 91-99.

Balcaen, S., & Ooghe, H. (2006). 35 Years of studies on
business failure: an overview of the classic statistical
methodologies and their related problems. British Ac-
counting Review, 38(1), 63-93, http://doi.org/10.1016/j.
bar.2005.09.001

Barbuta-Misu, N., & Codreanu, E. (2014). Analysis and
prediction of the bankruptcy risk in Romania building
sector companies. Ekonomika, 93(2), 131-146.

Beaver, W. H. (1966). Financial ratios as predictors to
failure. Journal of Accounting Research, 4(3), 71-111,
http://doi.org/10.2307/2490171

Bellovary, J., Giacomino, D., & Akers, M. (2007). A re-
view of Bankruptcy Prediction Studies: 1930-Present.
Journal of Financial Education, 33, 1-42

Belton, V., & Stewart, T. J. (2002). Multiple Criteria Desi-
cion Analysis — An Integrated Approach. Boston: Klu-
wer Academic Publishers.

Bester, J. (1996). Prevzemi podjetij in njihovi ucinki na
delnicarje, managerje, zaposlene, upnike in drzavo
[Acquisitions of companies and their effects on share-
holders, managers, employees, creditors and the state].
Ljubljana: Gospodarski vestnik.

Bolster, P. J., Janjigian, V., & Trahan, A. E. (1995). Deter-
mining Investor Suitability Using the Analytic Hierar-
chy Process. Financial Analysts Journal, 51(4), 63-75,
http://doi.org/10.2469/faj.v51.n4.1922

Cain, D. M., & Davidoff Solomon, S. M. (2011). Form
over Substance — The Value of Corporate Process and
Management Buy-Outs. Delaware Journal of Corpo-
rate Law, 36, 849-902.

Cheng, C.-L. (2012). The use of financial ratios to pre-
dict bankruptcy: A study of the board of directors on
corporate performance. ProQuest. Retrieved October
31, 2016, from ProQuest http://search.proquest.com.
ezproxy.lib.ukm.si/pqdtglobal/docview/962410782/
fulltextPDF/62834F5015D64241PQ/8?accoun-
tid=28931

181


https://www.ajpes.si/novica/Poslovanje_gospodarskih_druzb_v_letu_2016?id=328
https://www.ajpes.si/novica/Poslovanje_gospodarskih_druzb_v_letu_2016?id=328
https://www.ajpes.si/novica/Poslovanje_gospodarskih_druzb_v_letu_2016?id=328
http://people.brunel.ac.uk/~ecpgssa1/Thesis.pdf
http://people.brunel.ac.uk/~ecpgssa1/Thesis.pdf
http://doi.org/10.2307/2978933
http://doi.org/10.2307/2978933
http://doi.org/10.1002/asmb.2240
http://doi.org/10.1002/asmb.2240
http://papers.ssrn.com/sol3/papers.cfm?abstract_id=1034178
http://papers.ssrn.com/sol3/papers.cfm?abstract_id=1034178
http://doi.org/10.3386/w6145
http://doi.org/10.3386/w6145
http://doi.org/10.2307/2490711
http://doi.org/10.1108/JEIM-09-2013-0069
http://doi.org/10.1108/JEIM-09-2013-0069
https://doi.org/10.1016/j.bar.2005.09.001
https://doi.org/10.1016/j.bar.2005.09.001
http://doi.org/10.2307/2490171
https://doi.org/10.2469/faj.v51.n4.1922
http://search.proquest.com.ezproxy.lib.ukm.si/pqdtglobal/docview/962410782/fulltextPDF/62834F5015D64241PQ/8?accountid=28931
http://search.proquest.com.ezproxy.lib.ukm.si/pqdtglobal/docview/962410782/fulltextPDF/62834F5015D64241PQ/8?accountid=28931
http://search.proquest.com.ezproxy.lib.ukm.si/pqdtglobal/docview/962410782/fulltextPDF/62834F5015D64241PQ/8?accountid=28931
http://search.proquest.com.ezproxy.lib.ukm.si/pqdtglobal/docview/962410782/fulltextPDF/62834F5015D64241PQ/8?accountid=28931

Organizacija, Volume 51

Research Papers

Issue 3, August 2018

Clark, C. E., Foster, P. L., Morgan, K. M., & Webster G. H.
(1997). Judgmental approach to forecasting bankrupt-
cy. The Journal of Business Forecasting Methods and
Systems, 16 (4), 14-18.

Courtis, J. K. (1978). Modelling a financial ratios categoric
framework. Journal of Business Finance and Account-
ing, 5(4), 371-386.

Cressy, R., Munari, F., & Malipiero, A. (2007). Creative
Destruction? UK Evidence that Buyouts Cut Jobs to
Raise Returns. Venture capital: An international Jour-
nal of Entrepreneurial Finance, 13(1), 1-23.

Canger, V. (2003). Analiza odloc¢anja [Decision Analysis].
Maribor: Ekonomsko-poslovna fakulteta.

Canger, V. (2005). Multi-criteria decision-making methods
for complex management problems: a case of bench-
marking. Manazment v teorii a praxi, 1(1), 12-24.

Canger, V., Bobek, V., & Korez-Vide, R. (2006). A contri-
bution to the measurement and analysis of the global-
ization of national economies. Drustvena istraZivanja,
83(3), 531-555.

Canger, V. (2009). Uporaba analitiénega hierarhiénega
procesa pri veckriterijskem finan¢nem odloc¢anju [Us-
ing the analytical hierarchical process in multi-criteria
financial decision-making]. In Zbornik referatov XXIV.
posvetovanja drustva racunovodij, financnikov in re-
vizorjev (pp. 146-159). Maribor: Drustvo ra¢unovodij,
finan¢nikov in revizorjev.

Canger, V. (2012). Criteria weighting by using the 5Ws &
H technique. Business System Research, 3(2), 41-48,
http://doi.org/10.2478/v10305-012-0011-3

Canéer, V., & Mulej, M. (2013). Multi-criteria decision
making in creative problem solving. Kybernetes: The
International Journal of Systems & Cybernetics, 42(1),
67-81, http://doi.org/10.1108/03684921311295484

Damodaran, A. (2001). Corporate Finance: Theory and
Practice. New York: John Wiley & Sons, Inc.

DePamphilis, D. M. (2003). Mergers, Acquisitions, and
Other Restructuring Activities. London: Academic
Press, an imprint of Elsevier.

DePamphilis, D. M. (2012). Mergers, Acquisitions, and
Other Restructuring Activities. London: Academic
Press, an imprint of Elsevier.

Dimitras, A., Zanakis, S., & Zopudinis, C. (1996). A sur-
vey of business failures with an emphasis on failure
prediction methods and industrial applications. Eu-
ropean Journal of Operational Research, 90(3), 487-
513, http://doi.org/10.1016/0377-2217(95)00070-4

Donegan, H. A., Dodd, F. J., & McMaster, T. B. M. (1992).
A New Approach to AHP Decision Making. Journal
of the Royal Statistical Society, 41 (3), 295-302, http://
doi.org/10.2307/2348551

Easterwood, J. C., Seth, A., & Singer, R. (1997). Limits on
Managerial discretion in Management Buyouts: The
Effectiveness of Institutional, Market and Legal Mech-
anisms. Managerial and Decision Economics, 18(7/8),
645-666.

182

Expert Choice. (2015). Expert Choice. Retrieved May 2,
2015, from Expert Choice http://expertchoice.com/.

FitzPatrick, P. J. (1934). Transitional stages of a business
failure. The Accounting Review 9(4), 337-340.

Forman, H. E., & Gass, I. S. (2001). The Analytic Hierarchy
Process — An Exposition. Operations Research, 49(4),
469-486, http://doi.org/10.1287/opre.49.4.469.11231

Franks, R. J., & Harris, R. S. (1989). Sharcholder Wealth
Effects of Corporate Takeovers: The UK Experi-
ence 1995-1985. Journal of Financial Econom-
ics, 23(2), 225-249, http://doi.org/10.1016/0304-
405X(89)90057-3

Gavade, R. K. (2014). Multi-Criteria Decision Making: An
overview of different selection problems and methods.
International Journal of Computer Science and Infor-
mation Technologies, 5(4), 5643-5646.

Gentry, J., Newbold, P., & Whitford, D. T. (1985). Clas-
sifying bankrupt firms with funds flow components.
Journal of Accounting Research, 23(1), 146-160,
http://doi.org/10.2307/2490911

Grunert, J., Norden, L., & Weber, M. (2004). The Role of
nonfinancial factors in internal credit ratings. Jour-
nal of Banking and Finance, 29, 509-531, http://doi.
org/10.1016/j.jbankfin.2004.05.017

Gurau, T. (2013). 4 Model of Bankruptcy Prediction: Cali-
bration of Atman's Z-score for Japan. Erasmus Uni-
versity Rotterdam. Retrieved October 31, 2016, from
Erasmus University Rotterdam https://thesis.eur.nl/
pub/13759/Gurau-T.-340938.pdf.

Harris, R., Siegel, S. D., & Wright, M. (2005). Assessing
the Impact of Management Buyouts on Economic Ef-
ficiency: Plant-Level Evidence from the United King-
dom. The Review of Economics and Statistics, 87(1),
148-153, http://doi.org/10.1162/0034653053327540

Herst, A. C. C., & Hommelberg, R. J. R. (2002). The Risks
and Returns of Management Buy-outs. Evidence from
the Netherlands. Open Universiteit. Retrieved May 2,
2015, from Open Universiteit https://www.ou.nl/Docs/
Faculteiten/MW/MW%20Working%?20Papers/GR03-
01.pdf.

Huo, Y. H. (2006). Bankruptcy Situation Model in Small
Business: The Case of Restaurant Firms. Hospitality
Review, 24(5), 49-58.

Jandaghi, G., Tehrani, R., Pirani, P., & Mokhles, A. (2011).
Hybrid Financial Analysis Model for Predicting Bank-
ruptey. British Journal of Economics, Finance and
Management Sciences, 2(1), 37-48.

Jelic, R., & Wright, M. (2011). Exits, Performance, and
Late Stage Venture Capital: the Case of UK man-
agement Buy-outs. European Financial Manage-
ment, 17(3), 560-593, https://doi.org/10.1111/1.1468-
036X.2010.00588.x

Jensen, C. M. (1991). Corporate Control and the Politics of
Finance. Journal of Applied Corporate Finance, 4(2),
13-33.

Jones, S. (2017). Corporate bankruptcy prediction: a high



http://doi.org/10.2478/v10305-012-0011-3
https://doi.org/10.1108/03684921311295484
https://doi.org/10.1016/0377-2217%2895%2900070-4
http://doi.org/10.2307/2348551
http://doi.org/10.2307/2348551
http://expertchoice.com/
https://doi.org/10.1287/opre.49.4.469.11231
https://doi.org/10.1016/0304-405X%2889%2990057-3
https://doi.org/10.1016/0304-405X%2889%2990057-3
http://doi.org/10.2307/2490911
https://doi.org/10.1016/j.jbankfin.2004.05.017
https://thesis.eur.nl/pub/13759/Gurau-T.-340938.pdf
https://thesis.eur.nl/pub/13759/Gurau-T.-340938.pdf
http://doi.org/10.1162/0034653053327540
https://www.ou.nl/Docs/Faculteiten/MW/MW%20Working%20Papers/GR03-01.pdf
https://www.ou.nl/Docs/Faculteiten/MW/MW%20Working%20Papers/GR03-01.pdf
https://www.ou.nl/Docs/Faculteiten/MW/MW%20Working%20Papers/GR03-01.pdf
https://doi.org/10.1111/j.1468-036X.2010.00588.x
https://doi.org/10.1111/j.1468-036X.2010.00588.x

Organizacija, Volume 51

Research Papers

Issue 3, August 2018

dimensional analysis. Review of Accounting Studies
22(3), 1366-1422, http://doi.org/10.1007/s11142-017-
9407-1

Jones, S., Johnestone, D, & Wilson, R. (2017). Predict-
ing Corporate Bankruptcy: An Evaluation of Alter-
native Statistical Frameworks. Journal of Business
Finance and Accounting, 44(1 & 2), 3-34, http://doi.
org/10.1111/jbfa.12218

Kamoto, S. (2017). Managerial innovation incentives,
management buyouts, and shareholders’ intolerance of
failure. Journal of Corporate Finance, 42(2017), 55-
74, http://doi.org/10.1016/j.jcorpfin.2016.11.002

Kaplan, N. S., & Stromberg, P. (2009). Leveraged Buy-
outs and Private Equity. The Journal of Economic
Perspectives, 23(1), 121-146, http://doi.org/10.1257/
jep.23.1.121

Kwak, W. (2012). Predicting Bankruptcy after the Sar-
banes-Oxley Act Using the Most Current Data Mining
Approaches. Journal of Business & Economics Re-
search, 10(4), 233-242, http://doi.org/10.19030/jber.
v10i4.6899

Lahovnik, M. (2013). Zdruzitve in prevzemi podjetij
[Mergers and Acquisitions]. Ljubljana: Ekonomska
fakulteta.

Le, H. H., & Viviani, J. L. (2017). Predicting bank fail-
ure: An improvement by implementing machine
learning approach on classical financial ratios.
Retrieved February 7, 2018, from Science Direct
https://www.sciencedirect.com/science/article/pii/
S0275531917301241?via%3Dihub

Liang, W. (2003). The analytic hierarchy process
in project evaluation. Benchmarking. An Inter-
national Journal, 10 (5), 445-456, http://doi.
org/10.1108/14635770310495492.

Manea, I. (2009). Value generation in private equity
backed buyouts: The case of Netherland. Master The-
sis. University of Amsterdam. Retrieved August 27,
2015, from University of Amsterdam http://dare.uva.
nl/cgi/arno/show.cgi?fid=157245.

Mencinger, J. (2009). Morda problem ni v tajkunih, am-
pak v sistemu [Perhaps the problem is not in the ty-
coons, but in the system]. Casnik Delo. Retrieved
March 22, 2015 from Casnik Delo http://www.delo.si/
gospodarstvo/morda-problem-ni-v-tajkunih-ampak-v-
sistemu.html

Michel, A., & Shaked, 1. (1990). The LBO Nightmare:
Fraudulent Conveyance Risk. Financial Analysts Jour-
nal, 46(2), 41-50, http://doi.org/10.2469/faj.v46.n2.41

Mondal, L. (2008). A Dynamic Hybrid Credit Scor-
ing Model: A Two-stage Prediction of Credit Qual-
ity. ProQuest. Retrieved October 31, 2016, from
ProQuest http://search.proquest.com.ezproxy.lib.
ukm.si/pqdtglobal/docview/304606424/fulltextPD-
F/AES6EO08EA994466APQ/1?accountid=28931

Nikoskelainen, E., & Wright, M. (2007). The impact on
corporate governance mechanisms on value increase

in leveraged buyouts. Journal of Corporate Finance,
13 (4), 511-537, http://doi.org/10.1016/j.jcorp-
fin.2007.04.002

Nunthaphad, P. (2001). 4n application of Altman's and
McGurr's bankruptcy prediction models to small retail

firms: a comparative analysis. PhD Dissertation. Dav-
ie: Nova Southeastern University.

Ohlson, J. (1980). Financial ratios and the probabilistic pre-
diction of bankruptey. Journal of Accounting Research,
18(1), 109-131, http://doi.org/10.2307/2490395

Paredes, T. A. (2003). The Firm and the Nature of Control:
Toward a Theory of Takeover Law. Journal of Cor-
poration Law, 29(1), 103-178, http://doi.org/10.2139/
ssrn.507762

Park, C. S., & Han, 1. (2002). A case-based reasoning with
the feature weights derived by analytic hierarchy pro-
cess for bankruptcy prediction. Expert Systems with
Applications, 23(3), 255-264, http://doi.org/10.1016/
S0957-4174(02)00045-3

Pervan, 1., & Kuvek., T. (2013). The relative importance of
financial ratios and nonfinancial variables in predicting
of insolvency. Croatian Operational Research Review,
4, 187-198.

Pusnik, K., & Tajnikar, M. (2008). Technical and Cost Effi-
ciencies as Determinants of Business Failures of Small
Firms: The Case of Slovenia. Eastern European Eco-
nomics, 46(1), 43-62.

Ross, A., Randolph, S., Westerfield, W., & Jeffrey, F. J.
(1993). Corporate finance. Boston: Irwin.

Safieddine, A., & Titman, S. (1999). Leveraged and Cor-
porate Performance: Evidence from Unsuccessful
Takeovers. The Journal of Finance, 54(2), 547-580,
http://doi.org/10.1111/0022-1082.00117

Saaty, L. T. (1987). The Analytic Hierarchy Process —
What it is and how it is used. Mathematical Model-
ling, 9 (3-5), 161-176, http://doi.org/10.1016/0270-
0255(87)90473-8

Saaty, L. T. (1994). Fundamentals of Decision Making and
Priority Theory: with the Analytic Hierarchy Process.
Pittsburgh: RWS Publications.

Saaty, L. T. (1999). Decision making for leaders: the an-
alytic hierarchy process for decisions in a complex
world. Pittsburgh: RWS Publications.

Skok, P. (1992). Management buy-out v nasih razmerah
[Management buy-out in our conditions]. Kapital, 34,
12-13.

Smith, R. E., & Winakor, A. (1930). 4 test analysis of un-
successful industrial companies. University of lllinois:
Bureau of Business Research.

Strinivasan, V., & Kim, Y. H. (1987). Credit Granting: A
Comparative Analysis of Classification Procedures.
The Journal of Finance, 42(3), 665-683, http://doi.
0rg/10.2307/2328378

Stuer, R. E., & Na, P. (2003). Multiple criteria decision
making combined with finance: A categorized biblio-
graphic study. European Journal of Operational Re-

183


https://link-springer-com.ezproxy.lib.ukm.si/journal/11142
http://doi.org/10.1007/s11142-017-9407-1
http://doi.org/10.1007/s11142-017-9407-1
http://doi.org/10.1111/jbfa.12218
http://doi.org/10.1111/jbfa.12218
http://doi.org/10.1016/j.jcorpfin.2016.11.002
http://doi.org/10.1257/jep.23.1.121
http://doi.org/10.1257/jep.23.1.121
http://doi.org/10.19030/jber.v10i4.6899
http://doi.org/10.19030/jber.v10i4.6899
https://www.sciencedirect.com/science/article/pii/S0275531917301241?via%3Dihub
https://www.sciencedirect.com/science/article/pii/S0275531917301241?via%3Dihub
https://doi.org/10.1108/14635770310495492
http://dare.uva.nl/cgi/arno/show.cgi?fid=157245
http://dare.uva.nl/cgi/arno/show.cgi?fid=157245
http://www.delo.si/gospodarstvo/morda-problem-ni-v-tajkunih-ampak-v-sistemu.html
http://www.delo.si/gospodarstvo/morda-problem-ni-v-tajkunih-ampak-v-sistemu.html
http://www.delo.si/gospodarstvo/morda-problem-ni-v-tajkunih-ampak-v-sistemu.html
https://doi.org/10.2469/faj.v46.n2.41
http://search.proquest.com.ezproxy.lib.ukm.si/pqdtglobal/docview/304606424/fulltextPDF/4E56E08EA994466APQ/1?accountid=28931
http://search.proquest.com.ezproxy.lib.ukm.si/pqdtglobal/docview/304606424/fulltextPDF/4E56E08EA994466APQ/1?accountid=28931
http://search.proquest.com.ezproxy.lib.ukm.si/pqdtglobal/docview/304606424/fulltextPDF/4E56E08EA994466APQ/1?accountid=28931
https://doi.org/10.1016/j.jcorpfin.2007.04.002
https://doi.org/10.1016/j.jcorpfin.2007.04.002
http://doi.org/10.2307/2490395
http://doi.org/10.2139/ssrn.507762
http://doi.org/10.2139/ssrn.507762
https://doi.org/10.1016/S0957-4174%2802%2900045-3
https://doi.org/10.1016/S0957-4174%2802%2900045-3
https://doi.org/10.1111/0022-1082.00117
https://doi.org/10.1016/0270-0255%2887%2990473-8
https://doi.org/10.1016/0270-0255%2887%2990473-8
http://doi.org/10.2307/2328378
http://doi.org/10.2307/2328378

Organizacija, Volume 51

Research Papers

Issue 3, August 2018

search, 150, 496-515, http://doi.org/10.1016/S0377-
2217(02)00774-9

Sum, R. M. (2015). Risk management decision making. In-
ternational Symposium on the Analytic Hierarchy Pro-
cess. Retrieved November 1, 2016, from ISAHP http://
www.isahp.org/uploads/47.pdf

Tamari, M. (1970). The Nature of Trade Credit. Oxford
Economic Papers, 22(3), 406-419.

Tutuncu, L. (2014). Empirical Essays on Performance of
Management Buyouts. Retrieved May 7, 2017, from
The University of Birmingham http://etheses.bham.
ac.uk/5974/1/Tutuncul SPhD.pdf

Weston, J. F., Siu, J. A., & Johnson, B. A. (2001). Takeo-
vers, restructuring and Corporate Governance. New
Jersey: New Prentice-Hall, Inc.

Wright, M., Thompson, S., & Robbie, K. (1992). Venture
Capital and management-led Leveraged Buy-outs: Eu-
ropean evidence. Journal of Business Venturing, 7(1),
47-71, http://doi.org/10.1016/0883-9026(92)90034-O

Wright, M., Wilson, N., & Robbie, K. (1996). The Longer-
Term Effects of Management-Led Buy-Outs. Journal
of Entrepreneurial & Small Business Finance, 3(5),
212-234.

Wright, M., Burrows, A., Ball, R., Scholes, L., Meuleman,
M., & Amess, K. (2007). The implications of alterna-
tive investment vehicles for corporate governance: A
survey of empirical research. University of Notting-
ham: Centre for Management Buy-out Research.

Yadav, R. A. (1986). Financial ratios and the prediction
of corporate failure. New Delhi: Concept Publishing
Company.

Zopounidis, C., & Doumpos, M. (2002). Multi-criteria
decision aid in financial decision making: Method-
ologies and literature review. Journal of Multi-Crite-
ria Decision Analysis, 11(4-5), 167-186, http://doi.
org/10.1002/mcda.333

Petra GRAH received her Bachelor degree from
Economics in 2005 from Faculty of Economics and
Business, University of Maribor, Slovenia and in 2009
received MSc in International Economy from Faculty
of Economics and Business, University of Maribor,
Slovenia. She is current writing PhD Dissertation about
MBO in Slovenia and in other countries.

Vesna CANCER, PhD of economic and business
sciences in the field of quantitative economic analysis
and a full professor of quantitative methods in business
science. At the Faculty of Economics and Business,
University of Maribor she is the Head of the Department
for Quantitative Economic Analysis.

Borut Bratina, PhD of legal sciences and a university
graduate economist and a full professor in the area
of law at the University of Maribor. At the Faculty of
Economics and Business, University of Maribor he is
the Head of the Department of Commercial Law and
Head of the Institute for Commercial Law.

Kazalniki uspesnosti managerskih prevzemov z uporabo metode analiti€nega hierarhi€nega procesa

Ozadje in namen:. Na podroc¢ju managerskih prevzemov (MBO) je bilo v Sloveniji opravljenih malo raziskav. Ra-
ziskave so se osredotocale predvsem na motive prevzemov druzb ter stopnjo uspesnosti prevzemov. Namen prispe-
vka je analizirati indikatorje, ki napovedujejo stecaj ali finan€no prestrukturiranje druzb, ter preveriti, kako se le-ti
razlikujejo pri uspesnih in neuspesnih druzbah.

Metodologija: V raziskavo smo vklju€ili 23 MBO v Sloveniji v obdobju od 2005 do 2008, uporabili pa smo sledece
finan¢ne in nefinanéne indikatorje: dobi¢konosnosti, poslovanja, placilne sposobnosti in likvidnosti, pri ¢emer smo
uporabili metodo analiticnega hierarhi¢nega procesa. Glavni cilj raziskave je s pomocjo izbranih finanénih in nefi-
nancnih indikatorjev raziskati, ali imajo ciljne druzbe, kjer se stecaj ali finan¢no prestrukturirane nista pricela, v vecini
primerov viSje agregirane vrednosti, kot tiste, nad katerimi se je pri€el ste€aj ali finan¢no prestrukturiranje. Tako
smo s pomocjo izbranih indikatorjev prikazali enega izmed moznih nacinov, kako ugotoviti, da bo posamezen MBO
uspesen 0z. neuspesen.

Rezultati: Ugotovili smo, da se slabsi rezultati ve€¢inoma pojavljajo pri ciljnih druzbah na podro¢jih dobi¢konosnosti,
poslovanja, plagilne sposobnosti in likvidnosti, kadar gre za neuspesne MBO, kakor pa v primerih uspesnih MBO.
Nadalje smo glede na izbrane indikatorje rezultate razdelili v $tiri kvartale. Ugotovili smo, da je vecina ciljnih druzb,
kjer so bili MBO neuspesni, uvr§¢ena v slabsi kvartal od vecine ciljnih druzb, kjer so bili MBO uspesni.

Zakljucéek: Glavni prispevek je v ugotovitvi, da se izbrani finanéni in nefinan¢ni kazalniki razlikujejo, kadar gre za
uspesne in neuspedne MBO. To znanje bo pripomoglo k prepre¢evanju podobnih dogodkov v prihodnosti.

Kljuéne besede: managerski prevzemi; management; stecajni modeli; financni in nefinanéni kazalniki; analiticni hi-
erarhicni proces
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